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1. Project WP 3.1 summary:  
 

1.1. Project WP 3.1 implementation 
WP3.1 was implemented as a structured, cross-partner desk-based policy analysis to map the AI-
related regulatory and governance landscape influencing higher education institutions (HEIs) across 
the consortium countries. The work package activity was executed through a common protocol and 
shared templates to ensure comparability of outputs. Partners first confirmed the EU-level baseline 
instruments to be reviewed, then each partner identified and selected a national and institutional 
corpus (typically 5–6 documents) covering relevant AI governance and regulatory themes (e.g., 
responsible AI principles, higher education digitalisation, data protection, research integrity, and 
institutional AI use guidance). Each partner produced an “integration report” describing the scope, 
objectives, and operational implications of their selected documents, including identification of gaps, 
overlaps, and inconsistencies across policy levels. In parallel, partners extracted verbatim evidence 
and interpretation notes into a consolidated coding matrix structured around the agreed analytical 
categories (Ethics & Integrity; Data Privacy & Security; Equity & Inclusion; Transparency & Explainability; 
Governance Structures; Technical Standards & Interoperability; Accountability & Liability; 
Sustainability). This enabled cross-country synthesis of patterns in both policy content and omissions 
and supported the derivation of a seed risk inventory for Task 3.2. The outputs of WP3.1, therefore, 
comprised (i) the full set of partner integration reports, (ii) the consolidated coding matrix, and (iii) an 
initial risk register to support scenario-based ELSI risk assessment and control mapping in subsequent 
tasks. 

In terms of deviations from the original proposal, WP3.1 remained aligned in intent and core outputs, 
but was refined in its operational focus in response to the rapid diffusion of generative AI in higher 
education. In practice, partners placed greater emphasis than originally anticipated on institutional-
level operational guidance (especially teaching, assessment integrity, and disclosure requirements), 
because this was where the most immediate and implementable governance responses were 
emerging. Conversely, several national-level documents reviewed were found to be enabling and 
strategic rather than procedurally prescriptive for HEIs, which limited the extent to which “national 
implementation mechanisms” could be compared on a like-for-like basis. The coding exercise also 
revealed uneven availability of extracts across some categories (notably technical 
standards/interoperability and sustainability), and these omissions were treated as analytically 
meaningful rather than as data gaps.  
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1.2. Division of work 
WP3.1 was implemented as a distributed, partner-executed document review coordinated through a 
common protocol and shared templates, with UNIMA (WP lead) responsible for consolidation, 
harmonisation, and synthesis into Deliverable 3.1. In operational terms, each partner acted as the 
“country case owner”, identifying and reviewing the most policy-salient instruments for their context 
(EU / national / institutional), preparing a structured integration report, and extracting evidence into the 
consolidated coding matrix. UNIMA then undertook cross-partner consolidation (document register + 
coding matrix), quality checks (consistency of metadata and scope tagging), and cross-case synthesis 
to produce the multi-level analysis and the seed risk inventory used to initiate Task 3.2. 

Implementation phases (how the work was sequenced) 

1. Phase 1 — Protocol definition and allocation of responsibilities. UNIMA issued the 
Structured Document Review template and coding framework (categories, evidence 
requirements, and the quote-plus-interpretation structure) to ensure cross-country 
comparability.  

2. Phase 2 — Partner-led document identification and review (country cases). Partners 
selected national and institutional instruments relevant to AI governance in higher education, 
completed the integration report per country, and documented gaps/overlaps/inconsistencies 
across levels.  

3. Phase 3 — Evidence extraction and coding-matrix population. Partners populated the 
consolidated coding matrix with verbatim excerpts and interpretation notes, coded against the 
eight agreed governance dimensions (Ethics & Integrity; Data Privacy & Security; Equity & 
Inclusion; Transparency & Explainability; Governance Structures; Technical Standards & 
Interoperability; Accountability & Liability; Sustainability). 

4. Phase 4 — Consolidation, harmonisation, and cross-case synthesis. UNIMA consolidated 
the Document Register and Consolidated Coding Matrix, then performed within-case and 
cross-case synthesis to generate the policy landscape analysis, the EU-alignment lens, and the 
initial risk extraction feeding Task 3.2. 

Deviations from the original plan in the proposal (what changed in practice) 

1. Variation in corpus size per partner. While the intended design was broadly “1 EU baseline + 
~5–6 national/institutional documents per partner”, the realised corpus varied by context 
(availability, legal force, and maturity of institutional guidance). This produced partner sets 
ranging from ~6 documents to ~11 documents. 

2. Timeline drift in partner submission. Most partner reports were submitted in late Nov–Dec 
2025, but at least one partner submission extended into January 2026, shifting the consolidation 
window accordingly. 

 

Document review allocation (what was reviewed and by whom) 

The list below reflects the reviewed document corpus indexed in the consolidated Document Register 
(Annex B) and shows how the documents were divided across partners and scopes. 
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ID Title Partner 
ID 

Country Issuing 
Authority 

Year Scope  
(EU / 
National/ 
Institutional) 

D1 Policy for the Development of Artificial Intelligence in 
Poland from 2020 

P1 Poland Ministry of 
Digital Affairs 

2020 National 

D2 Project of the Policy for the Development of Artificial 
Intelligence in Poland up to 2030 

P1 Poland Ministry of 
Digital Affairs 

2025 National 

D3 Directive no. 70/2024 according to “Principles of using 
artificial intelligence-based tools in teaching and 
research” 

P1 Poland Rector of 
Cardinal 
Stefan 
Wyszyński 
University in 
Warsaw 
(CSWU) 

2024 Institutional 

D4 Directive no. 14/2024/2025 according to “Rules of 
applying AI tools in education process in WSB 
University” 

P1 Poland Rector of WSB 
University in 
Dąbrowa 
Górnicza 

2025 Institutional 

D5 Directive no. 5 according to “The introduction of rules 
for the use of artificial intelligence in the preparation of 
written assignments” 

P1 Poland Rector of SGH 
Warsaw 
School of 
Economics 

2024 Institutional 

D6 Guidelines according to responsible applying AI in 
teaching process in AGH University of Krakow 

P1 Poland Vice-Rector for 
Education of 
AGH 
University of 
Krakow 

2025 Institutional 

D7 Levels of applying the AI in teaching process in AGH 
University of Krakow 

P1 Poland Vice-Rector for 
Education of 
AGH 
University of 
Krakow 

2025 Institutional 

D8 National approach to artificial intelligence P2 Sweden Government 
Offices of 
Sweden / 
OECD 

2018 National 

D9 Sweden AI Strategy Report (country profile) P2 Sweden European 
Commission – 
AI Watch 

Ongoing National 

D10 AI Policies at Swedish Universities: What are the 
Guidelines for Higher Education? 

P2 Sweden Academic 
analysis 
(multi-
institution) 

2025 National / HE 

D11 Generative AI in higher education (overview) P2 Sweden KTH Intranet – 
Education 
Support 

2024–
2025 

Institutional  

D12 Use generative AI efficiently and ethically P2 Sweden KTH Intranet – 
Education 
Support 

2024–
2025 

Institutional 

D13 Linee guida per l’utilizzo dell’Intelligenza Artificiale 
nella Didattica, nella Ricerca e nei Processi 
Amministrativi 

P3 Italy Università 
degli Studi di 
Bergamo 

2025 Institutional 

D14 Codice di comportamento dei dipendenti 
dell’Università degli Studi di Bergamo 

P3 Italy Università 
degli Studi di 
Bergamo 

2024 Institutional 

D15 Carta dei diritti e dei doveri degli studenti e delle 
studentesse 

P3 Italy Università 
degli Studi di 
Bergamo 

2015 Institutional 

D16 Regolamento (UE) 2016/679 del Parlamento Europeo e 
del Consiglio 

P3 Italy Italian Data 
Protection 
Authority 

2016 National 

D17 Piano Strategico 2023/2027 P3 Italy Università 
degli Studi di 
Bergamo 

2023 Institutional 
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D18 Codice Etico Di Ateneo P3 Italy Università 
degli Studi di 
Bergamo 

2018 Institutional 

D19 Linee Guida per le Modalita di Interazione Tra Docente 
e Studenti 

P3 Italy Università 
degli Studi di 
Bergamo 

2021 Institutional 

D20 Malta Diġitali 2022-2027 (Digital Strategy) P4 Malta Government of 
Malta (Office 
of the Prime 
Minister) 

2022 National 

D21 Digital Education Strategy 2025–2030 P4 Malta Ministry for 
Education, 
Sport, Youth, 
Research and 
Innovation 

2025 National 

D22 National Strategic Action Plan for Further and Higher 
Education 2022–2030 

P4 Malta Ministry for 
Education 

2022 National 

D23 MITA Strategy 2024-2026 P4 Malta Malta 
Information 
Technology 
Agency (MITA) 
(MITA) 

2023 National  

D24 University of Malta Strategic Plan 2020-2025 P4 Malta University of 
Malta (UM) (L-
Università ta' 
Malta) 

2024 
(Digital 
summary) 

Institutional 

D25 Guidelines for Academic Staff on the use of Generative 
AI Tools in Class and in Assessments 

P4 Malta University of 
Malta 

2023 Institutional 

D26 Indicazioni per l’impiego di soluzioni di Intelligenza 
Artificiale 

P5 Italy Politecnico di 
Torino 

2025 Institutional 

D27 Recommendations on the Use of AI in Education P5 Italy Politecnico di 
Torino 

2025 Institutional 

D28 Codice di Comportamento del Politecnico di Torino 
Emanato  

P5 Italy Politecnico di 
Torino 

2014 Institutional 

D29 Linee guida per il corretto comportamento degli 
studenti 

P5 Italy Politecnico di 
Torino 

2012 Institutional 

D30 Istuzioni Operatve in Materia di Trattamento Dati  P5 Italy Politecnico di 
Torino 

2021 Institutional 

D31 Piano Strategico di Ateneo 2024-2030 P5 Italy Politecnico di 
Torino 

2024 Institutional 

D32 Piano per la Trasformazione Digitale 2024-2026 P5 Italy Politecnico di 
Torino 

2024 Institutional 

D33 Regolamento in Materia di Protezione dei Dati  
Personali in Attuazione del Regolamento UE 2016/679 

P5 Italy Politecnico di 
Torino 

2022 Institutional 

D34 National development strategy until 2030  
(Nacionalna razvojna strategija Republike Hrvatske do 
2030. godine) 

P6 Croatia Government of 
the Republic of 
Croatia 

2021 National 

D35 Digital Croatia 2032 Strategy (Strategija digitalne 
Hrvatske za razdoblje do 2032. godine) 

P6 Croatia Government of 
the Republic of 
Croatia 

2023 National 

D36 Smart Specialization Strategy (S3) until 2029 
(Strategija pametne specijalizacije do 2029.) 

P6 Croatia Government of 
the Republic of 
Croatia 

2023 National 

D37 National Education System Development Plan for the 
Period until 2027. (Nacionalni plan razvoja sustava 
obrazovanja za razdoblje do 2027. godine) 

P6 Croatia Ministry of 
Science, 
Education and 
Youth (MZOM) 

2023 National 

D38 UNIRI Strategy 2021 - 2025 P6 Croatia University of 
Rijeka 

2021 Institutional 
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D39 UNIRI AI Tools Usage Policy  P7 Croatia University of 
Rijeka 

2024 Institutional 

D40 National Programme to Promote the Development and 
Use of Artificial Intelligence in the Republic of Slovenia 
by 2025 

P7 Slovenia Government of 
the Republic of 
Slovenia in 
coordination 
with the 
Ministry of 
Public 
Administration 
and various 
other 
ministries  

2025 National 

D41 Development project - Use of generative artificial 
intelligence for and in education 

P7 Slovenia Government of 
the Republic of 
Slovenia, 
Ministry of 
Education 

2024 National 

D42 UI v izobraževanju na UL / Smernice za uporabo orodij 
(generativne) umetne inteligence v izobraževanju (z 
PDF) 

P7 Slovenia Slovenia, 
University of 
Ljubljana, 
Center 
Digitalna UL 

2025 Institutional 

D43 Umetna inteligenca v izobraževanju in raziskovanju: 
Izzivi, etična vprašanja in smernice /  
 Artificial Intelligence in Education and Research: 
Challenges, Ethical Issues, and Guidelines 

P7 Slovenia Slovenia, Novo 
Mesto, Faculty 
of 
Organisation 
Studies 

2023 Institutional 

D44 Smernice glede uporabe generativne umetne 
inteligence v pedagoškem procesu in pri 
raziskovalnem delu na UM EPF /  
 Guidelines on the use of generative artificial 
intelligence in the pedagogical process and in 
research work at UM EPF 
  

P7 Slovenia Slovenia, 
University of 
Maribor, 
Faculty of 
Economics 
and Business 

2024 Institutional 

D45 Stališča Univerze na Primorskem do rabe umetne 
inteligence /  
 Positions of the University of Primorska on the use of 
Artificial Intelligence 

P7 Slovenia Slovenia, 
University of 
Primorska 

2023 Institutional 

D46 Guidelines  for Research Institutions For the Integrity 
and Security of Research 

P3 Italy Ministry of 
University and 
Research 

2025 National 

D47 Regolamento (UE) 2016/679 del Parlamento Europeo e 
del Consiglio 

P3 Italy Italian Data 
Protection 
Authority  

2016 National 

D48 Disposizioni e deleghe al Governo in materia di 
intelligenza artificiale. 

P3 Italy Italian 
Parliament 

2025 National 

D49 Linee guida per l’introduzione dell’Intelligenza 
Artificiale nelle Istituzioni scolastiche 

P5 Italy Ministero 
dell’istruzione 
e del merito 

2025 National 

D50 Strategia Italiana per  L’Intelligenza Artificiale 2024-
2026 

P5 Italy Agenzia per 
l’Italia Digitale 

2024 National 

E1 Ethics Guidelines for Trustworthy AI P1 EU European 
Commission 

2019 EU 

E2 AI Report P2 EU European 
Digital 
Education Hub 

2023 EU 

E3 Digital education action plan 2021-2027 P3 EU European 
Commission 

2021 EU 
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E4 Living guidelines on the responsible use of generative 
AI in research 

P4 EU European 
Commission 

2020 EU 

E5 Regulation (EU) 2024/1689 of the European Parliament 
and of the Council; laying down harmonised rules on 
artificial intelligence and amending Regulations  

P5 EU Official Journal 
of the 
European 
Union 

2024 EU 

E6 Digital Education action Plan 2021-2027  
Resetting education and training for the digital age  

P6 EU European 
Commission 

2025 EU 

E7 On Artificial Intelligence - A European approach to 
excellence and trust 

P7 EU European 
Commission 

2020 EU 
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2. Project WP 3 in the context of the Project 
 

 

 

 

WP2

• Identified how generative AI is applied in HE and showcased its diverse applications from content creation to personalized learning and research 
assistance.

• Understood the community's expectations and concerns regarding Gen AI. Such engagement ensured the adoption of AI technologies aligns with 
the academic community's values, fostering a collaborative and ethical educational environment.

• Developed best practices leveraging insights from the literature review and stakeholder analysis

WP3

• Comprehensively reviewed and analyzed current policies, regulations, and guidelines relevant to AI and technology use in educational 
environments

• Conducted thorough risk assessments focused on the ethical, legal, and social implications of deploying generative AI in academia
• Devise practical models for integrating generative AI into the curricula, research, and administrative operations of higher education institutions 

including developing guidelines for faculty and IT staff on implementing AI tools in ways that enhance educational outcomes, ensure ethical 
usage, and protect data privacy

WP4
• Identified specific educational units in partner institutions where AI can significantly improve learning outcomes, the objective is to integrate Gen 

AI into HE.
• Designed Ed. units that incorporate AI within a blended learning framework
• Integration of the newly designed AI-powered Ed. units into the existing curricula

WP5
• Pilot run of the newly designed AI-enhanced Ed. units to evaluate the implementation process
• Continous refinement and enhancement of the units
• Organized session to share feeback and lesson learned among partners
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3. Results of the activities 
 

3.1. Executive summary (key findings, major gaps, headline risks) 
Task 3.1 conducted a cross-country, desk-based mapping of the policy and regulatory landscape 
shaping responsible AI integration in higher education institutions (HEIs). Partners produced 
standardised “integration reports” for one assigned EU-level reference document plus a purposive 
selection of national and institutional instruments (e.g., AI/digital education strategies, research 
integrity guidance, data protection rules, and university AI guidelines), and populated a consolidated 
coding matrix using a shared analytical framework.  

Evidence-based and coverage. The consolidated corpus comprised 56 documents recorded in the 
register (7 EU-level; 20 national; 29 institutional), and the coding matrix contained 448 populated 
coded entries after excluding blank placeholders. Institutional documents dominated the evidence 
volume (232 entries; ≈51.8%), followed by national (158; ≈35.3%) and EU-level instruments (58; 
≈12.9%). EU-level entries were disproportionately rated “high relevance” (69%) relative to national and 
institutional entries, reflecting their role as the normative baseline whilst still requiring institutional 
translation into implementable practice. 

Key cross-country findings. A consistent “maturity gradient” emerged across levels: 

3. EU-level instruments set strong legal/values anchors (risk-based governance expectations, 
data protection duties, and strategic direction for digital education), but do not function as HEI-
ready operational toolkits.  

4. National-level documents commonly echo EU priorities yet remain strategic/enabling rather 
than procedural, leaving universities to resolve practical questions (roles, processes, 
procurement checks, auditability, and monitoring) through institutional “soft-law” guidance.  

5. Institutional-level guidance is typically the most operational, but is uneven across faculties 
and often focused on teaching/assessment (acceptable use, disclosure, academic integrity), 
with weaker coverage of organisation-wide governance (risk classification, procurement, 
documentation, and accountability for non-academic functions). 

Major gaps and recurring omissions. Across the corpus and coding categories, partners repeatedly 
identified that HEIs progress fastest when implementation can be expressed as behavioural/procedural 
rules (e.g., disclosure norms; “do not enter sensitive data”), and slowest when alignment requires 
institutional system design and formal governance. The most persistent gaps cluster around: (i) 
governance structures and ownership, (ii) accountability/liability allocation, and (iii) technical 
standards/interoperability and auditability, with sustainability and equity/inclusion often thinly 
specified or treated implicitly rather than operationally. 

Headline risks. The synthesis indicates a risk landscape in which “policy thinness” and fragmented 
governance amplify downstream harms. Recurring risk themes include: inconsistent institutional 
guidance (creating procedural unfairness and uneven student experience), privacy and data leakage 
through external toolchains, weak traceability and transparency of AI-assisted work, academic integrity 
threats (misrepresentation, assessment compromise), bias and inequitable access (including 
paywall/tool availability effects), unclear accountability for AI-related incidents, limited 
procurement/vetting capability, and under-addressed sustainability impacts. These risks are captured 
as a comprehensive risk inventory in annex C, from which Task 3.2 will select a prioritised subset for full 
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scenario-based analysis, scoring, and mitigation/control design using explicit selection criteria (high 
impact, recurrence, systemic drivers, and actionability within project scope). 

What does this deliverable enable next? Deliverable 3.1 consolidates (i) the partner integration 
reports (Annex A), (ii) the full coding matrix evidence base (Annex B), and (iii) a derived risk inventory 
(Annex C), and translates findings into feasible recommendations for HEIs and consortium outputs. 
Given that the project is academically led (rather than policy-making), the recommended pathway is to 
reduce ambiguity and inconsistency by providing HEIs with an evidence-led governance toolkit: 
harmonised acceptable-use and disclosure templates, role/ownership matrices, a lightweight tool 
approval and risk triage workflow, incident/escalation protocols, assessment redesign exemplars, and 
minimum technical governance expectations, validated through partner pilots, thereby 
operationalising EU-aligned expectations without assuming changes to EU or national legislation. 
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4. Method  
4.1. Study design and aim 

Task 3.1 adopted a multi-country, desk-based policy landscape mapping approach to identify the 
regulatory and policy conditions shaping responsible AI integration in higher education institutions 
(HEIs). The purpose was twofold:  

 to establish a structured overview of relevant AI-related policy instruments across EU, national, 
and institutional levels; and  

 to support subsequent work in WP3 by identifying gaps, overlaps, and inconsistencies in the 
policy landscape, with particular attention to the governance needs of HEIs and the project’s 
downstream requirement to populate an ELSI-oriented risk assessment in Task 3.2.  

 

4.2. Document identification and selection 
Document selection was partner-led and purposive, intended to capture the most policy-relevant 
instruments affecting HEIs in each partner country. Each partner completed a structured review of (a) 
one assigned EU-level reference document, and (b) 5–8 national and institutional documents judged 
most influential for AI-related governance, compliance, and practice within higher education (e.g., 
national AI strategies, digital education strategies, research integrity guidance, university AI guidelines, 
data protection rules, and institutional strategic plans). 

At EU level, the reviewed set spanned both binding regulation (e.g., the AI Act) and non-binding but 
influential guidance (e.g., “living guidelines” and education-focused EU reports), thereby enabling 
comparison between legal compliance obligations and operational recommendations for HEIs. 
National and institutional selections were similarly inclusive of binding and non-binding instruments, 
reflecting how HEIs often operationalise compliance via strategies, policies, and guidelines rather than 
statute alone. 

 

4.3. Review protocol and data extraction (partner integration reports) 
To ensure cross-country comparability, partners used a common Structured Document Review Report 
template. This required partners to: 

Provide document metadata (title, issuing authority, year, type, scope, and short description) for each 
selected instrument. 

Produce a cross-document thematic synthesis, aggregating what the full set of reviewed documents 
(within that country/institution) states under the agreed analytical categories (see coding framework 
below). 

Record interpretive observations on coverage, strengths, weaknesses, and the extent to which 
provisions are operational (actionable), enforceable, and aligned with EU-level expectations. 

The integration reports, therefore, functioned as standardised country case studies, combining 
descriptive cataloguing (metadata) with interpretive analysis (category-based synthesis). 
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4.4. Coding approach and analytical framework (coding matrix) 
In parallel with the narrative synthesis in the integration reports, partners populated a consolidated 
coding matrix using a directed qualitative content analysis logic (deductive coding). Coding was 
performed against eight pre-defined categories designed to capture the principal governance 
dimensions for responsible AI use in HEIs: 

 Ethics & Integrity 
 Data Privacy & Security 
 Equity & Inclusion 
 Transparency & Explainability 
 Governance Structures 
 Technical Standards & Interoperability 
 Accountability & Liability 
 Sustainability 

For each document and category, partners were asked to extract verbatim textual evidence (exact 
quotes), provide interpretation notes, and explicitly record gaps/overlaps/inconsistencies and 
relevance to the project. The “exact quote + interpretation” structure was used to  

 preserve traceability to source text, and  
 support cross-partner synthesis without losing contextual meaning (e.g., differences between 

strategic intent, operational guidance, and enforceable obligations).  

Where documents referenced risk-related issues (e.g., bias, data leakage, academic misconduct, 
accountability ambiguity), these were additionally captured to seed Task 3.2’s risk assessment work. 

 

4.5. Consolidation and synthesis across partners 
Following partner submission, outputs were consolidated into: 

 a Document Register (single index of reviewed instruments, with harmonised metadata), and 
 a Consolidated Coding Matrix (category-coded extracts and analytic notes). 

Synthesis was then conducted in two layers: 

1. Within-case synthesis: treating each partner’s integration report as a coherent 
national/institutional case (what the policy landscape looks like within that context). 

2. Cross-case synthesis: comparing coded evidence across countries and policy levels to identify 
recurring themes, systematic gaps (e.g., strong principles but weak operationalisation), and 
misalignments between EU-level expectations and national/institutional implementation 
patterns. 

This two-layer structure is important because it prevents “averaging out” meaningful differences: some 
countries show strong national direction with limited institutional guidance, whereas others show rapid 
institutional responses (e.g., GenAI teaching/assessment guidance) even when national frameworks 
remain high-level. 

 

4.6. Limitations 
Several methodological limitations should be acknowledged: 
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1. Non-exhaustive sampling: Document sets were purposively selected and therefore cannot be 
interpreted as complete inventories of all AI-relevant legal and policy instruments in each 
jurisdiction. The approach prioritises policy salience for HEIs over encyclopaedic coverage. 

2. Heterogeneity of instrument types: The corpus includes laws, strategies, guidelines, and 
internal university documents. These differ in legal force, specificity, and intended audience, 
which limits direct “like-for-like” comparison. 

3. Variable operational detail: Many strategies articulate principles (e.g., trust, transparency) 
without specifying implementation mechanisms, while institutional guidelines tend to be 
operational but narrower in scope. This may bias findings towards practical issues visible in 
institutional texts. 

4. Evolving regulatory landscape: Several EU-level instruments are explicitly framed as iterative 
or “living” guidance, and national policies are rapidly changing; conclusions therefore represent 
a snapshot of the landscape at the time of review rather than a stable end-state.  

5. Interpretive coding variance: Although a common category framework and template were 
used, coding inevitably reflects professional judgement. The “quote + interpretation” format 
mitigates this by preserving auditability, but it does not eliminate subjectivity. 

 

4.7. Data sources and artefacts 
The complete set of source materials underpinning this analysis is provided for transparency and 
auditability in the Annex of this report. Specifically, the full partner integration reports (Artefact A) are 
reproduced in Annex A, and the complete consolidated coding matrix and document register (Artefact 
B) are reproduced in Annex B. These annexes preserve the original document metadata, extracted 
quotes, interpretation notes, and recorded gaps/overlaps/inconsistencies, thereby enabling readers to 
trace all synthesis claims in the main report back to the underlying evidence base. 

 

 



17 
 

5. Policy landscape (cross-country, multi-level synthesis) 
5.1. Corpus overviews  

The Task 3.1 corpus comprises 56 unique policy and regulatory documents recorded in the 
consolidated document register, spanning EU-level instruments (n = 7), national instruments (n = 20), 
and institutional instruments (n = 29) across the partner countries (Poland, Sweden, Malta, Italy, 
Croatia, and Slovenia) and the EU baseline. The distribution reflects the intended multi-level design of 
the task: EU instruments establish shared principles and binding obligations, national instruments 
contextualise these obligations and articulate national priorities for AI and digitalisation, while 
institutional instruments translate requirements into operational practices within universities. 

A key feature of the dataset is its HEI-relevance orientation: partners selected documents that shape AI 
adoption in teaching, assessment, research, administration, and institutional governance, rather than 
attempting an exhaustive inventory of all AI-adjacent legislation. This purposive approach increases the 
practical utility of WP3, but it also means the corpus should be interpreted as a sample of the policy 
landscape (salient and influential instruments) rather than a comprehensive legal catalogue. 

The consolidated coding matrix contains 496 coded entries, organised under a common template that 
captures: verbatim extracts, interpretation notes, gap/overlap/inconsistency observations, and an 
assessment of relevance to the project.  

Indicative corpus breakdown by level: 

1. EU-level: 7 documents 

2. National: 20 documents 

3. Institutional: 29 documents 

Indicative corpus breakdown by partner: 

 Partners reviewed between 5 and 11 documents each (including assigned EU baseline 
documents where applicable), with variation reflecting national context and the availability 
of institutional guidance at the time of review. 

 

5.2. EU-level baseline (what it sets; where HEIs still lack operational 
guidance) 

Across the EU baseline, the reviewed instruments collectively establish three foundational elements 
for higher education institutions. 

 First, they set the normative frame for responsible AI, emphasising human-centred design, 
trustworthiness, transparency, fairness, and accountability. This frame is important because it 
functions as a common language through which HEIs can justify governance decisions, staff 
development priorities, and acceptable-use policies. 

 Second, EU instruments define an increasingly compliance-relevant governance environment, 
particularly through risk-based obligations for AI systems and long-standing data protection 
duties. For HEIs, this translates into practical compliance questions around: lawful and fair 
processing, data minimisation, retention, safeguards when using external AI services, and 
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governance for AI-enabled decision processes (especially where automated profiling or 
decision support affects students or staff). 

 Third, EU policy emphasises the strategic role of education in AI readiness; skills, digital 
capacity, and systemic preparedness, positioning HEIs simultaneously as  

o users and deployers of AI,  
o educators developing AI competences, and  
o research organisations contributing to AI innovation. 

However, the EU baseline also reveals recurring areas where HEIs still lack operational guidance. In 
synthesis, the EU instruments tend to be strong on principles and general obligations, but less explicit 
on HEI-specific implementation mechanics, including: 

 Teaching and assessment practice: what “acceptable use” means in coursework, 
assessments, feedback, and academic integrity regimes, and how to operationalise 
disclosure requirements for AI assistance. 

 Institutional governance design: concrete institutional role definitions, decision rights, 
escalation pathways, and audit/assurance mechanisms suited to university structures. 

 Procurement and vendor governance: practical requirements for selecting AI tools, 
ensuring contractual safeguards, handling cross-border data flows, and managing model 
updates over time. 

 Operational transparency: moving beyond “be transparent” to specifying what information 
must be provided to students and staff, in what format, and with what level of explainability 
for different AI uses. 

In other words, EU-level instruments provide the baseline expectations (principles, compliance drivers, 
and strategic direction), but HEIs often remain responsible for translating these into institutionally 
workable policies, procedures, and training materials. 

 

5.3. National-level patterns 
Across national-level documents, three broad patterns are evident. 

 Translation of EU expectations into national strategies and sectoral guidance. 
Most national documents articulate strategic goals: innovation, competitiveness, public-sector 
modernisation, and education readiness. They typically embed EU-level values (trust, human-
centrism) and recognise core compliance anchors (data protection and security) but often 
remain at the level of direction-setting rather than detailed operational requirements for 
universities. 

 Uneven higher-education specificity. National instruments frequently address AI in terms of 
the economy or public administration, while higher education appears either as one sector 
among many or indirectly through digital education policy. As a result, national guidance can be 
insufficiently granular for HEI decision-making on teaching/assessment integrity, staff use of 
generative AI, or student-facing transparency. 

 Governance, accountability, and enforcement maturity vary. In more mature national 
frameworks, governance structures, coordination responsibilities, and, sometimes, risk 
management expectations are more clearly defined. Where they are less mature, the policy 
landscape can appear fragmented: principles exist, but institutional actors receive limited 
clarity on  



19 
 

o Who is accountable,  
o how compliance will be assessed, and  
o how risks should be managed in practice. 

Across the coding matrix, national-level entries frequently identify gaps relating to operationalisation 
and enforceability; for example, the absence of detailed technical standards, limited clarity on 
accountability/liability in institutional deployment contexts, and limited guidance on transparency 
implementation. This reinforces the interpretation that national policy often functions as a bridge 
between EU baselines and institutional practice, yet the bridge is not uniformly complete. 

 

5.4. Institutional-level maturity and typical omissions 
Institutional documents exhibit the greatest variability but also the most direct operational relevance 
for the project. 

Institutional maturity indicators. 

Universities that show higher “maturity” tend to demonstrate: 

 explicit acceptable-use positions for students and staff (particularly in teaching, 
assessment, and research writing); 

 defined expectations for academic integrity and misconduct handling where AI use is 
undisclosed or misrepresented; 

 guidance on data handling, including restrictions on uploading confidential or personal data 
to external tools; 

 recognition of human oversight and the need for staff training/awareness. 

These documents are often responsive to immediate institutional pressures, especially the rapid 
adoption of generative AI, leading to practical guidance that is sometimes more actionable than 
national strategies. 

Typical omissions. 

Even where institutional guidance is strong on academic integrity and general ethics, the corpus reveals 
recurring omissions that are highly relevant for WP3: 

 Governance architecture: many policies describe principles but do not fully specify 
decision rights, accountability lines, or assurance mechanisms (e.g., how AI tools are 
approved, monitored, and reviewed). 

 Technical standards and interoperability: limited treatment of integration requirements 
(LMS/VLE, identity management, data interoperability), documentation standards, or 
systematic evaluation protocols. 

 Sustainability: environmental considerations and resource impacts of AI adoption are 
often absent or treated only at a general sustainability strategy level, rather than as AI-
specific governance concerns. 

 Equity and inclusion operationalisation: fairness is frequently asserted, but fewer 
institutional documents define how bias risks will be detected, mitigated, and evaluated in 
educational contexts. 
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 Procurement and vendor management: practical controls (contractual clauses, DPIA 
triggers, security assurance, model update governance) are commonly under-specified. 

A further institutional pattern is the prevalence of decentralised implementation, where policy 
compliance is partly delegated to academic units or individual educators. While this respects academic 
autonomy and disciplinary variation, it can also amplify inconsistency in student experience, 
enforcement, and risk controls, particularly where staff training and central support are uneven. 

 

5.5. Cross-partner synthesis of key findings 
Synthesising across partners and levels, the policy landscape can be characterised through five 
consolidated findings. 

 Principle–practice gap is systemic. Across the EU, national, and institutional documents, 
high-level commitments to trustworthy and human-centred AI are widespread, but 
implementation mechanisms (who does what, with what tools, with what assurance) 
remain uneven, especially at the national level and in institutional governance design. 

This is a recurring theme across the partners, that policy environments articulate strong 
principles (trust, responsibility, transparency) but leave HEIs without sufficiently concrete 
operational guidance for implementation, monitoring, and enforcement. 

 Sweden (KTH) explicitly frames the gap as national documents being “strategic ambition” with 
limited operational depth, requiring institutions to “compensate” through institutional rules 
and templates.  

 Malta (UM) highlights that staff guidance warns about privacy and integrity risks, yet relies 
heavily on individual vigilance rather than institutional controls—e.g., advising staff to be 
“especially careful” about sensitive inputs, without committing to secure institutional tooling.  

 Italy (POLITO) similarly identifies a practical “workaround” approach: the institution addresses 
compliance tensions through prohibitions rather than a full institutional ecosystem, explicitly 
noting the institution is “forced to rely on prohibition”.  

The pattern is not that principles are absent; rather, implementation architectures (roles, 
processes, technical controls, assurance mechanisms) remain uneven, which is precisely the 
kind of risk-generating condition Task 3.2 must address. 

 Ethics, privacy/security, and transparency dominate; technical and sustainability 
dimensions lag. Across the coding matrix, the highest assessed relevance concentrates in 
Ethics & Integrity, Data Privacy & Security, and Transparency & Explainability, whereas 
Technical Standards & Interoperability and Sustainability consistently receive lower 
salience. This indicates that HEI governance is currently framed more through normative 
and compliance lenses than through systems engineering and lifecycle impact 
management. 

 Integrity and transparency are highly operationalised in some institutional policies. For 
example, UniBg stresses traceability and disclosure: it should be possible to “reconstruct 
how… AI has been used”.  
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 Privacy risk dominates operational institutional guidance, especially in relation to external 
GenAI tools. POLITO describes cloud-based GenAI as transferring “any data and information” 
to external providers and resolves this through a “Do not insert” prohibition.  

 Technical standards/interoperability are repeatedly flagged as missing. UniBg notes an 
“absence… of technical interoperability and standardisation”. KTH similarly identifies a “lack 
of unified standards for interoperability”.  

 Sustainability appears sporadically and tends to be one of the least operationalised 
categories. KTH is notable for explicitly acknowledging energy and environmental footprint 
considerations for GenAI.  

The current policy “centre of gravity” is governance-by-ethics-and-compliance, whereas 
governance-by-systems-engineering (interoperability, lifecycle controls, technical assurance) 
is much less mature. This imbalance is a predictable source of operational risk. 

 Accountability and liability remain under-specified for HEI deployment contexts. 
Many documents emphasise responsibility in general terms, yet fewer provide concrete 
allocations of accountability for tool selection, use, incident handling, or pathways to 
student harm, particularly when AI tools are third-party services integrated into educational 
workflows. 

Even when documents assert responsibility and human oversight, fewer provide concrete 
allocations of accountability across the HEI lifecycle (procurement, deployment, monitoring, 
incident response) or clarify how liability is handled when harm occurs. 

1. At the legal baseline level (GDPR), liability is explicit: the controller/processor “shall 
compensate for the damage” caused by non-compliant processing.  

2. Yet partners observe that institutional implementation frequently lacks “protocols” and role 
clarity for AI risk governance beyond teaching contexts. POLITO flags the absence of detailed 
“High-Risk AI compliance” protocols.  

3. KTH likewise notes limited governance beyond the course/classroom level when comparing 
national and institutional environments, indicating accountability is clearer in teaching policy 
than in broader institutional AI deployment.  

The policy landscape often states who is responsible in principle, but not how responsibility is 
operationalised across institutional structures and outsourced technology ecosystems—
particularly where third-party AI services are embedded in administrative or educational 
processes. 

 Institutional policies are more operational but narrower in scope. Universities are 
producing actionable guidance (especially for teaching and assessment), but these policies 
frequently prioritise immediate integrity and privacy concerns over broader governance 
concerns, such as procurement assurance, long-term model governance, and systemic 
transparency. 

A cross-partner finding is that institutional guidance is frequently the most practical and 
immediately useful for educators and students, but it is also typically narrower, centred on 
teaching/assessment and acceptable use, while under-addressing procurement, tool 
governance, monitoring, and technical assurance. 
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 KTH is an example of high operationalisation, using enforceable teaching artefacts such as 
course-level declarations and templates; these policies are described as “fully 
operationalised” compared with national frameworks.  

 UNIMA’s staff guidelines provide direct operational warnings (privacy, disclosure, integrity), yet 
also reveal governance limitations, such as policy being applied at lecturer/Board of Examiners 
level, which risks inconsistent application across departments.  

 POLITO demonstrates rapid institutional response via “Guidelines for the Use of AI in 
Education” and “Indications for AI Solutions”, but also frames an unresolved institutional 
dependency: without a secure internal GenAI ecosystem, policy leans on prohibition rather than 
enabling compliant usage at scale. 

Institutions are acting quickly to manage immediate educational risks (integrity, privacy), but 
policy coverage often remains partial for enterprise-scale governance (tool approval, audit 
trails, vendor oversight, and system interoperability). 

 Multi-level alignment is improving but not assured. There is visible alignment in values 
and objectives across levels; however, gaps persist in how EU expectations are translated 
into national sectoral guidance and then operationalised within universities. The result is a 
policy landscape that is coherent in ambition but uneven in execution, creating both 
compliance uncertainty and governance risk for HEIs. 

Overall, there is discernible alignment with EU-level priorities in language, values, and high-
level commitments. However, partners repeatedly identify misalignment in the translation 
chain from EU → national → institutional implementation, especially where national frameworks 
remain aspirational. 

 KTH explicitly states that EU-level frameworks are “visible” in national and institutional 
documents but with “different levels of detail”, and that national documents adopt principles 
“without operational guidance”.  

 POLITO provides a similar picture: national strategy is described as aligned with AI Act 
implementation, but institutional implementation still lacks specific internal protocols for 
managing high-risk AI in non-academic functions (e.g., HR/administration).  

 UNIMA highlights the temporal challenge of alignment: strategic documents written prior to the 
“GenAI boom” lack targeted treatment of AI authorship/assessment integrity, requiring later 
operational guidance to patch the gap.  

Alignment is often strongest at the level of shared principles and strategic intent, but weaker at 
the level of operational instruments. Consequently, institutions are frequently left to resolve 
implementation ambiguities locally, an issue that directly motivates the development of a 
consortium-wide ELSI risk assessment framework. 

Collectively, these findings justify the need for WP3’s next step: an ELSI-oriented risk assessment 
framework that can translate the identified policy signals (gaps, overlaps, and inconsistencies) into 
structured, actionable risks and controls suitable for HEI governance. 

The cross-country, multi-level synthesis above provides a consolidated view of the current policy 
landscape and highlights where shortcomings persist, particularly in translating high-level principles 
and legal obligations into implementable HEI practices. Building on this, the next section applies an 
explicit EU-priority alignment lens to assess the extent to which the reviewed national and institutional 
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frameworks converge with, or diverge from, key EU reference points; most notably the AI Act, GDPR, 
and the Digital Education Action Plan. This alignment analysis serves two functions: it clarifies where 
HEIs face the greatest compliance and governance pressure, and it identifies areas where policy 
guidance remains insufficiently operational for university implementation. The subsequent coding-
matrix discussion then deepens this assessment by examining the underlying evidence base category 
by category through the extracted quotes, interpretation notes, and documented gaps / overlaps / 
inconsistencies. 

6. Alignment with EU priorities  
This section applies an EU-priority “lens” to interpret the cross-country policy corpus, treating EU-level 
instruments as the normative baseline and then examining how well national and institutional 
documents (i) translate legal and ethical expectations into operational requirements for higher 
education institutions (HEIs), and (ii) provide implementation mechanisms (roles, processes, technical 
measures, monitoring) rather than aspirational statements. This is consistent with the project’s intent 
to align responsible GenAI integration with EU regulatory priorities, particularly the EU AI Act and the 
Digital Education Action Plan.  

 

AI Act lens: risk-based obligations, and the “high-risk operational gap” in HEIs 

Across partner reports, the EU AI Act is generally understood to shift AI governance from principles to 
risk-based obligations (classification, controls, documentation, and accountability). However, a 
recurring finding is that translation into HEI practice remains uneven: institutions typically react first 
through teaching/assessment guidance (acceptable use, disclosure, integrity), whilst enterprise-level 
AI compliance routines (procurement checks, conformity logic for “high-risk” use cases, audit trails, 
governance ownership) are frequently underdeveloped. 

 Operationalisation in institutions varies markedly. KTH describes institutional guidance that 
converts EU-level expectations into concrete steps (e.g., operational GDPR compliance steps, 
transparency requirements in course documentation, and practical rules for staff/student 
GenAI use), explicitly positioning the institution as compensating for limited operational depth 
at the national level.  

 High-risk compliance is repeatedly flagged as missing or “in progress”. POLITO 
characterises the current state as strong strategic alignment but an operational struggle, 
particularly around high-risk AI protocols and the difficulty of reconciling AI Act risk-
management expectations with the realities of external GenAI tools.  

 National strategies often echo EU concepts without HEI-ready mechanisms. PRZ notes that 
EU regulations are referenced nationally, yet institutional implementation is partial and 
inconsistent, with limited coverage of governance structures, accountability, technical 
standards, and sustainability at university level, leaving HEIs without a single coherent 
reference policy that is consistently adopted across institutions. In Croatia, UNIRI similarly 
notes that EU frameworks impose requirements, yet national strategies remain enabling and 
declarative, with limited HE-specific implementation pathways; by contrast, institutional policy 
is reported as a more concrete interpretation through enforceable rules for academic use. 
Italy provides an instructive “fast-follow” case: UNIBG reports the emergence of a national law 
(September 2025) connected to AI governance expectations, while its own institutional 
guidelines (July 2025) were already positioned as aligned with EU regulations and GDPR; 
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however, UNIBG also flags that institutional guidance often remains at an intermediate level of 
detail, with limited technical requirements (e.g., infrastructure/interoperability) and insufficient 
implementation guidance. 

 “Pre-AI Act” EU framing still shapes national strategies. UNILJ reports direct uptake of the 
EU White Paper’s “ecosystem of trust” framing into national strategy, but also notes that these 
strategy-era documents predate the GenAI acceleration and therefore offer limited LLM-
specific guidance.  

The AI Act lens reveals a consistent maturity gradient: institutional guidance for teaching/assessment 
is developing quickly (integrity/disclosure), whereas institution-wide AI governance (risk classification, 
procurement governance, documentation/auditability, and accountability allocation for non-academic 
functions) remains the principal alignment gap.  

 

GDPR lens: “mature baseline” but strained by GenAI toolchains and cross-border data realities 

GDPR is typically treated as the most established compliance baseline. Partners describe relatively 
mature data protection structures but also emphasise that GenAI adoption introduces new operational 
frictions (data entry into external systems, uncertainty around vendor processing, and tension between 
innovation and control). 

 Institutional controls tend to be framed as “do not input sensitive data” rules. POLITO 
highlights that GDPR compliance is mature in principle, yet operationally challenged by the 
default configurations of popular external GenAI tools, resulting in restrictive measures 
(effectively prohibition of sensitive inputs) rather than secure technical enablement.  

 Institution-level GDPR concerns are strongly visible in student/staff guidance. KTH 
emphasises practical restrictions such as avoiding personal data in AI tools and maintaining 
human oversight—showing how GDPR is translated into day-to-day educational practice.  

 Cross-border/cloud considerations are explicit in some environments. UNILJ reports that 
GDPR compliance is becoming the primary driver of institutional “data privacy” rules, including 
prohibitions on uploading personal data to US-based clouds, signalling that international data 
transfer risk is becoming salient for HEI GenAI use.  

 National digital strategies can pull in the opposite direction. UNIMA’s synthesis points to a 
structural inconsistency: national “interoperability/data reuse” ambitions (e.g., once-only/data 
flow principles in public administration) can conflict with university guidance that restricts the 
use of confidential data in external GenAI tools for privacy/IP reasons.  
UNIBG similarly frames GDPR alignment as explicit in institutional AI guidance (alongside 
institutional ethical/conduct policies), but still highlights the need for more concrete 
operational and technical detail to remove ambiguity in everyday academic scenarios. 
PRZ reinforces the unevenness: privacy and security are generally visible, but vary in depth, 
references, and enforceability across institutions, and are not consistently embedded within a 
coherent governance model. 
UNIRI further emphasises that national-level strategies tend to remain declarative 
(digitalisation, innovation, skills), whereas the institution is pushed to interpret GDPR-relevant 
constraints in practical rules for staff and students—effectively converting a legal baseline into 
enforceable academic practice through local policy. 
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Under the GDPR lens, alignment is strongest at the level of protective rules, but weaker where GDPR 
would require institutional engineering solutions (secure internal GenAI environments, vetted 
procurement frameworks, contractual/technical controls, and consistent DPIA-like processes for 
GenAI-enabled services).  

 

 

Digital Education Action Plan lens: strategic alignment, but persistent capability and pedagogy 
gaps 

The Digital Education Action Plan lens shifts attention from compliance to capacity building (digital 
skills, staff development, and resilient pedagogical models). Partners frequently report strategic 
alignment, yet emphasise implementation dependencies and capability bottlenecks. 

 Alignment is often visible in “digital transition” and skills strategies. POLITO links DEAP 
alignment to digital transition strategies and education-facing guidelines, but stresses that 
success depends on closing competence gaps and committing resources.  

 Pedagogical readiness emerges as a limiting factor. UNILJ reports an explicit gap between 
technology availability and teachers’ pedagogical readiness—suggesting that DEAP-aligned 
ambitions will not translate into practice without systematic educator development.  

 National digital education strategies can be strong but not HEI-specific. UNIMA presents 
substantial strategic commitment to digital education (equity, access, digital skills, governance 
structures), yet also demonstrates that strategy-level commitments do not automatically 
resolve HEI-specific GenAI governance questions.  

PRZ makes the capability gap more explicit by noting that, while some domains are increasingly 
addressed in local policy (e.g., ethics/integrity, privacy/security, transparency), others 
(equity/inclusion, accountability/liability, governance structures) are limited or absent, and technical 
standards/interoperability and sustainability are often effectively omitted at university level—despite 
their importance for scaling responsible AI in education.  

UNIRI similarly foregrounds system readiness and capacity constraints, identifying AI literacy and staff 
capacity as salient risks, and highlighting fragmentation across policy levels as a governance challenge 
likely to impede coherent uptake. 

DEAP alignment is widely acknowledged at the strategy level, but frequently lacks (i) HEI-specific 
implementation toolkits, and (ii) sustained mechanisms for staff capability development, assessment 
redesign, and quality assurance for GenAI-supported education.  

 

Other EU reviewed documents: “bridging guidance” that makes EU priorities actionable 

Beyond AI Act/GDPR/DEAP, the partner reports indicate that additional EU-level frameworks often 
function as translation layers (i.e., they operationalise high-level values into institutional governance, 
educational practice, and research integrity). 

 EU Digital Education Hub-style recommendations as operational scaffolding. KTH explicitly 
references EU-level recommendations as supporting more operationalised institutional rules 
(e.g., transparency requirements, integrity controls, and staff/student guidance).  
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 Values-based EU frameworks shaping national strategies. UNILJ points to direct uptake of 
EU White Paper concepts (“ecosystem of trust”) and EU competence frameworks (e.g., 
DigCompEdu) in national and funding instruments, important for how “trustworthy AI” and 
educator capability become embedded in national programmes.  

 Research integrity guidance as a domain-specific complement. UNIMA highlights the role of 
research-oriented guidance (e.g., ERA-aligned approaches) alongside university 
teaching/assessment guidelines, illustrating how EU-aligned integrity norms enter institutional 
practice beyond teaching.  

UNIRI’s inclusion of EU-level guidance on responsible GenAI use in research frames accountability as 
human-centric and connects responsible use to sustainability and equitable access concerns, while 
also revealing that national education/digital strategies rarely provide equivalent implementation 
clarity for HE. 

UNIBG’s synthesis also surfaces environmental sustainability as an emerging governance dimension 
(e.g., resource and environmental impacts associated with AI use), indicating that “responsible use” 
increasingly demands attention beyond integrity/privacy to include sustainability considerations. 

In addition to the AI Act, GDPR, and the Digital Education Action Plan, partners reviewed EU-level 
“bridge” documents that translate broad regulatory principles into more implementable expectations 
for organisations, particularly around trustworthiness, risk-based governance, and responsible 
practice in education and research contexts. These instruments are typically non-binding, but they are 
valuable because they provide interpretive scaffolding that HEIs can adapt into internal governance, 
procedures, and staff guidance. 

A salient example is the EU-level Trustworthy AI guidance reviewed by PRZ (E1), which was assessed 
as foundational in defining normative principles and offering a practical mechanism for 
operationalisation via a structured assessment checklist. PRZ explicitly notes that, while such EU 
guidance is not written “for HE” in a procedural sense, it can be repurposed as an institutional self-
assessment and risk identification tool when designing, procuring, or deploying AI systems in university 
processes (e.g., admissions analytics, learning analytics, student support chatbots, or assessment-
related tools).  

Complementing this, KTH’s review of the European Digital Education Hub AI report (E2) positions it 
as one of the most education-specific EU-level documents in the corpus, because it addresses AI 
through an explicitly educational governance lens: institutional planning, risk levels, staff 
competences, and transparency expectations that align strongly with a risk-based regulatory 
philosophy. In practical terms, the value of E2 lies in framing AI adoption as a socio-technical change 
programme (not merely a compliance issue), requiring capability building and governance structures 
that connect pedagogical practice to data governance and accountability.  

Finally, the corpus includes EU-level guidance focusing on responsible generative AI use in research 
(covered in the partner reports as “living”/adaptive guidance). This strand is particularly helpful for HEIs 
because it foregrounds research integrity and responsible disclosure as operational requirements, and 
it sharpens expectations around protecting unpublished work, sensitive data, and personal data in 
external AI systems—issues that universities face immediately in research workflows and research-led 
teaching. In UM’s analysis, this type of EU guidance is also used to highlight a real institutional tension: 
national and public-sector digitalisation agendas may encourage data flow and reuse, while research 
integrity and confidentiality imperatives require strict controls on what is shared with external GenAI 
platforms, creating a governance problem that HEIs must resolve through technical and organisational 
safeguards.  
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Across partners, a consistent implication of these documents is that they help interpret EU priorities 
and provide language and constructs that can be embedded in institutional rules (e.g., trustworthiness 
criteria, disclosure norms, and governance expectations). However, they do not fully resolve the 
persistent gap highlighted elsewhere in the corpus: universities still lack sufficiently concrete, end-to-
end operational guidance for day-to-day educational use cases (assessment design, student–teacher 
workflows, procurement standards, tool approval processes, and monitoring), reinforcing the need for 
PATH-AI outputs to convert EU-aligned principles into implementable HEI-level models and templates. 

Cross-partner synthesis: what “alignment” looks like in practice, and where it breaks down 

Taken together, the reports suggest that “alignment with EU priorities” is best characterised as 
selective alignment by domain, rather than as a binary state. 

Strongest alignment domains tend to be academic integrity norms, basic transparency requirements 
for AI use, and GDPR-driven privacy cautioning. PRZ provides a clear operational illustration of this, 
recommending disclosure requirements and assessment redesign (e.g., increased emphasis on oral 
examinations and authentic/practical work) as concrete mechanisms to maintain integrity under GenAI 
pressures. 

Weakest alignment domains are repeatedly reported as governance structures (standing committees, 
audit/procurement protocols, role assignment), technical standards/interoperability, and 
sustainability instrumentation. PRZ notes these are frequently missing locally, whilst UNIBG highlights 
the absence of technical infrastructure/interoperability guidance even where ethical/legal principles 
are articulated. 

A recurring maturity gradient is that national frameworks are frequently strategic and “soft law”, whilst 
institutional guidance is more detailed but uneven and sometimes reactive. PRZ characterises local 
adoption as partial and inconsistent across governance, accountability, and technical domains, and 
UNIRI similarly warns that fragmentation across levels remains a non-trivial governance risk even when 
institutional rules are in place. 

 

Implications for WP3 and linkage to subsequent sections 

Collectively, this EU-priority alignment lens shows that partners are progressing fastest where guidance 
can be implemented through behavioural and procedural rules (academic integrity, disclosure, “no 
sensitive data” practices), and slowest where alignment requires institutional system design (secure 
GenAI infrastructure, procurement governance, high-risk AI protocols, auditability, and cross-
functional accountability).  

This interpretation directly informs the next section (coding matrix discussion) by indicating which 
categories become the practical pressure points across documents, particularly Governance 
Structures, Accountability & Liability, and Technical Standards & Interoperability, and therefore where 
evidence from extracted quotes and coded gaps will be most consequential for Task 3.2’s ELSI risk 
assessment. 
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7. Coding matrix analysis and discussion 
7.1. Overview of the coding matrix (structure and descriptive statistics) 

The consolidated coding matrix serves as the evidence base for Task 3.1, capturing partner-extracted 
policy evidence in a structured, comparable format across countries and policy levels. Each entry 
records: Doc ID and title, partner/country, scope (EU / national / institutional), a coded category, the 
verbatim extract, interpretation/notes, and a structured statement of gaps / overlaps / 
inconsistencies, plus an indicative relevance rating (High/Medium/Low). The matrix is organised by 
partner sheet (PRZ, KTH, UNIBG, UNIMA, POLITO, UNIRI, UNILJ), enabling both within-country analysis 
and cross-partner synthesis. 

Coverage and volume (based on the consolidated matrix and document register): 

 Documents covered: 56 documents (7 EU-level; 20 national; 29 institutional in the register). 

 Coded entries analysed: 448 populated coding entries (excluding blank placeholder rows). 

 Partner contributions (entries): POLITO 88; UNIBG 80; PRZ 64; UNIMA 56; UNIRI 56; UNILJ 56; 
KTH 48. 

 Distribution by scope (entries): Institutional 232 (≈51.8%); National 158 (≈35.3%); EU 58 
(≈12.9%). 

 Relevance ratings (entries): High 231 (≈51.6%); Medium 149 (≈33.3%); Low 57 (≈12.7%); 
Unrated 11 (≈2.5%). 

Table 1. Coding entries by partner and policy level (scope) 

Partner EU National Institutional Total 

KTH 8 24 16 48 

POLITO 8 16 64 88 

PRZ 8 16 40 64 

UNIBG 10 22 48 80 

UNILJ 8 16 32 56 

UNIMA 8 32 16 56 

UNIRI 8 32 16 56 

Total 58 158 232 448 
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Table 2. Relevance distribution by scope 

Scope High (%) Medium (%) Low (%) Unrated (%) n 

EU 69.0 31.0 0.0 0.0 58 

National 44.3 39.2 16.5 0.0 158 

Institutional 52.2 29.7 13.4 4.7 232 

 

 

7.2. Descriptive patterns (distribution by category/level) 
Because the matrix uses a common category set—Ethics & Integrity; Data Privacy & Security; Equity & 
Inclusion; Transparency & Explainability; Governance Structures; Technical Standards & 
Interoperability; Accountability & Liability; Sustainability, it enables consistent cross-country 
comparisons. At a structural level, three descriptive patterns stand out: 

(i) Institutional dominance (volume and operational proximity). 

Over half of all coded entries come from institutional documents (≈52%). This reflects the fact that 
universities are producing the most proximal implementation guidance (especially for 
teaching/assessment use of GenAI), even when national policy remains strategic. UNIMA’s institutional 
guidelines, for example, provide course-level operational statements such as lecturers explicitly 
communicating how students may use AI tools and what must be declared, whereas several national 
strategies remain higher-level. 

(ii) National documents are prevalent but often “enabling” rather than procedural. 

National-level entries (≈35%) frequently express strategic intent (innovation, competitiveness, skills), 
while leaving HEIs without standardised operational mechanisms for AI governance. This is evident in 
PRZ and UNIRI, where national documents reference governance ambitions (centres, boards, 
responsibility allocation) but partner notes repeatedly flag the absence of HEI-ready process details. 

(iii) EU documents provide strong normative anchors, but do not substitute for HEI implementation 
toolkits. 

EU-level entries (≈13%) are disproportionately rated “High” relevance, consistent with their role as the 
compliance/values baseline. However, the matrix evidence also shows that EU instruments often 
require a translation layer at the institutional level (procedures, roles, procurement checks, 
documentation/audit routines)—a point emphasised across POLITO, KTH, and UNILJ interpretations. 
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Table 3. Category × Scope 

Category 
EU 

(%) 
National 

(%) 
Institutional 

(%) 
Total 

(n) 

Ethics & Integrity 9.3 37.0 53.7 54 

Data Privacy & Security 19.3 35.1 45.6 57 

Equity & Inclusion 23.7 33.9 42.4 59 

Transparency & Explainability 17.6 35.3 47.1 51 

Governance Structures 16.9 33.9 49.2 59 

Technical Standards & 
Interoperability 14.0 29.8 56.1 57 

Accountability & Liability 12.1 29.3 58.6 58 

Sustainability 12.1 41.4 46.6 58 

 

7.3. Thematic synthesis with evidence excerpts 
Below is a thematic synthesis that triangulates the matrix extracts, partner interpretation notes, and 
recorded gaps/overlaps/inconsistencies.  

Theme A — “Integrity-first operationalisation”: rapid institutional rule-making for teaching, 
assessment, and disclosure 

Across the corpus, the most mature institutional operationalisation concerns academic integrity, 
acceptable use, and transparency/disclosure. UNIMA’s institutional guidance is explicitly pedagogical: 
it frames GenAI use through lecturer-defined rules and assessment expectations (e.g., clarifying 
permissible use and disclosure requirements within the course context). PRZ's institutional directives 
likewise focus on practical rules for academic work, whereas UNILJ’s institutional guidance is 
positioned as a response to immediate educational pressures. 

Common gap statement (multi-partner): Integrity rules are present, but enforcement mechanisms 
and consistency across faculties/programmes are uneven. UNIMA’s matrix notes highlight a further 
complication: reliance on AI-detection tools is problematised, prompting institutions to redesign 
assessments (oral components, iterative work, authentic tasks) rather than “detection-led” 
governance. 

Theme B — GDPR as a “mature baseline”, but GenAI toolchains create implementation friction 
(privacy-by-restriction rather than privacy-by-design) 

Data protection is consistently treated as a foundational duty, yet the operational response is 
frequently framed as behavioural restriction (e.g., “do not input personal/sensitive data into external 
tools”) rather than technical enablement (secure internal environments, vetted tools, contractual 
safeguards). UNIMA’s entries explicitly caution staff about risks tied to commercial tools and logging. 
UNILJ notes similarly foreground data-transfer concerns. UNIBG’s coding links institutional ethical 
guidance to GDPR yet flags limited technical/operational specificity in everyday scenarios. 
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Common gap statement (multi-partner): universities often lack a practical pattern for compliant 
GenAI workflows (role assignment across DPO/IT/academic units, DPIA-like processes for GenAI-
enabled services, tool vetting criteria, and auditable procedures). 

Theme C — Governance ownership is the recurrent “missing middle” (from principles to standing 
structures, mandates, and auditability) 

Across countries, governance structures are frequently described in principle, but under-specified in 
terms of decision rights, escalation routes, review cycles, and documentation/audit requirements. 
PRZ’s national-level extracts explicitly call for coordinated governance bodies (e.g., establishing a 
management centre and dedicated boards), but the partner notes that supervisory clarity is missing 
and that HEI-ready mechanisms are limited. POLITO’s matrix comments repeatedly characterise the 
institutional challenge as the operationalisation of governance under AI Act–style expectations. 
UNIRI’s institutional document (D39) is comparatively explicit in framing institutional rules and 
responsibilities, presenting the university layer as the more enforceable governance anchor when 
national direction is fragmented. 

Common gap statement (multi-partner): lack of an institution-wide governance pattern that covers 
procurement, deployment approval, monitoring, and accountability assignment beyond 
teaching/assessment. 

Theme D — Technical standards and interoperability remain systematically underdeveloped in 
HEI-facing policy 

The Technical Standards & Interoperability category is among the most consistently flagged omission 
areas. UNIMA’s institutional guideline sheet explicitly records “no relevant extracts” for technical 
standards/interoperability, and UNIBG repeatedly notes the absence of explicit interoperability 
requirements in institutional documents. PRZ’s national documents reference the need to develop 
technical norms and certification recognition, but do not translate these into university implementation 
requirements. This theme is also evident in POLITO’s observations regarding the mismatch between 
regulatory expectations and the realities of external tools. 

Common gap statement (multi-partner): limited specification of minimum technical controls 
(identity/access management, logging, data segregation, model governance, interface/integration 
standards, record-keeping for auditability), which becomes critical when moving from “acceptable 
use” to “institutional AI systems and services”. 

Theme E — Accountability and liability are recognised as “human-centred” but rarely mapped into 
concrete responsibility matrices 

Across the corpus, the dominant accountability framing is human-centric (“humans remain 
responsible”), but partner notes repeatedly indicate weak treatment of liability allocation, especially 
where third-party GenAI services and procurement chains are involved. UNIRI’s institutional policy is 
comparatively explicit in emphasising human accountability and norms of responsible use. PRZ 
highlights the absence of explicit liability frameworks and detailed enforcement mechanisms in 
national policy. UNIBG and UNIMA both imply that clarity is needed for authorship, misuse, and 
responsibility attribution across staff and student use cases. 

Common gap statement (multi-partner): lack of an HEI responsibility matrix (who owns approvals, 
who signs off DPIAs/risk classifications, who monitors, who handles incidents, and how vendor 
accountability is enforced contractually). 
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Theme F — Equity & inclusion is present as a value, but implementation mechanisms are thin 
(digital divide, bias, accessibility) 

Equity and inclusion appear across EU and national strategies, and institutionally in guidance on fair 
use and awareness of limitations, but the operational mechanisms remain sparse. PRZ emphasises 
diversity and inclusion as a policy principle, whereas partner notes frequently highlight gaps in how 
bias/discrimination risks are assessed or mitigated in practice. UNIMA’s guidance adopts a pragmatic 
stance (e.g., GenAI as support for language/communication tasks), which has inclusion potential, but 
the matrix flags limited systematic support and training. UNILJ and KTH entries similarly emphasise 
inclusion and vulnerable groups more clearly at EU-aligned levels than in HEI implementation toolkits. 

Common gap statement (multi-partner): limited guidance on equitable access (tool availability, cost 
barriers), accommodations, and monitoring of differential impacts across student groups. 

Theme G — Sustainability is acknowledged, but rarely operationalised (metrics, procurement 
criteria, “responsible compute”) 

Sustainability is frequently expressed in aspirational terms (e.g., social and environmental well-being), 
but HEI-level operationalisation remains minimal. PRZ national extracts explicitly connect AI to 
sustainable development. UNIRI references sustainability expectations in the higher 
education/research context. UNIBG’s entries flag the absence of concrete sustainability measures in 
institutional guidance and highlight emerging concerns, such as resource intensity. 

Common gap statement (multi-partner): lack of sustainability criteria in institutional AI governance 
(procurement requirements, reporting expectations, or guidance on responsible compute/data 
practices). 

 

7.4. Concluding link to Task 3.2 (how this section feeds the ELSI risk 
assessment) 

Taken together, the coding matrix evidence indicates that the current policy landscape supports 
behavioural governance (acceptable use, disclosure, “do not upload sensitive data”) more robustly 
than system governance (procurement controls, technical standards, auditability, and cross-
functional accountability). The most consequential gaps for Task 3.2 are therefore concentrated in: 
Governance Structures, Accountability & Liability, and Technical Standards & Interoperability, with 
cross-cutting implications for equity and sustainability as GenAI adoption scales. The risk inventory 
derived from Task 3.1 should therefore treat these gaps not as abstract deficits, but as risk drivers that 
can be mapped to concrete institutional failure modes (e.g., uncontrolled third-party tool use, 
inconsistent course-level rules, unmanaged cross-border data transfer, and lack of audit trails). 

 

Key findings by category (evidence-led, balanced across partners) 

Ethics & Integrity 

Across the matrix, Ethics & Integrity is one of the most densely populated categories at the institutional 
level, reflecting rapid HEI responses to generative AI in teaching and assessment. KTH and UNIMA 
provide comparatively actionable institutional guidance that frames integrity in terms of acceptable 
use, disclosure expectations, and assessment design choices, rather than relying solely on detection. 
POLITO and UNIBG add an institutional governance perspective, noting that integrity concerns 
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intersect with broader institutional responsibility (e.g., ensuring staff and students understand 
limitations and appropriate use). PRZ and UNIRI reinforce that integrity is widely acknowledged but 
unevenly embedded across institutions, particularly when local guidance is fragmented or lacks 
mechanisms for enforcement. UNILJ’s synthesis similarly frames integrity and responsible use as key 
institutional drivers for immediate policy action.  

Typical omission: explicit procedures for consistent enforcement, handling disputes, and ensuring 
cross-faculty consistency. 

 

Data Privacy & Security 

Data Privacy & Security is consistently treated as a mature baseline, but partners repeatedly describe 
GenAI toolchains as creating operational friction: external platforms, uncertain processing, and cross-
border data transfer concerns. POLITO’s entries strongly illustrate privacy-by-restriction, in which 
compliance is achieved through “do not input sensitive data” rules rather than through secure 
institutional enablement. KTH and UNILJ similarly translate GDPR requirements into everyday 
practices for staff and students (e.g., avoiding the processing of personal data; maintaining oversight). 
UNIMA highlights confidentiality/IP concerns in teaching and research workflows, while UNIBG notes 
the need for clearer technical/operational detail to reduce ambiguity in routine academic use. PRZ and 
UNIRI underline uneven local depth and weak linkage to coherent governance models, indicating that 
data governance remains a systemic risk driver when responsibility is devolved or tool usage is 
uncontrolled. 

Typical omission: institution-wide tool approval and vetted workflows (roles, DPIA triggers, 
contract/technical safeguards). 

 

Equity & Inclusion 

Equity & Inclusion is widely represented as a value across levels, but the matrix shows relatively few 
operational extracts. Partners converge on concerns about differential access to tools (cost/licensing), 
differential digital skills, and the risk of bias in AI-enabled decision support. PRZ highlights inclusion as 
a guiding principle yet signals limited local operationalisation. 

UNIRI and UNILJ similarly foreground the risk of uneven readiness and capacity at the institutional 
level, while KTH’s education-facing lens suggests the need for staff development and clear 
communication to avoid disadvantaging students who lack access or support. UNIMA and UNIBG 
imply potential for inclusion (e.g., learning support) but do not demonstrate consistent system-level 
mechanisms for equity assurance. 

Typical omission: explicit equity controls—access policies, accommodations, monitoring of 
differential impacts, and bias evaluation routines. 

 

Transparency & Explainability 

Transparency & explainability are frequently operationalised through disclosure norms: clarifying 
when AI may be used, what must be declared, and how decisions or outputs should be documented. 
KTH’s institutional guidance and UNIMA’s teaching-facing rules emphasise practical transparency 
mechanisms in course documentation and assessment expectations. UNIBG explicitly treats 
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traceability of AI use as important (reconstructing how AI was used), aligning transparency with integrity 
and accountability.  

PRZ and UNILJ support the same direction, while POLITO highlights the challenge of transparency 
when external tools operate as black boxes and institutional alternatives are lacking. UNIRI reinforces 
the need for human responsibility and clear disclosure norms, especially in research settings. 
Typical omission: role-specific explainability requirements (what to explain, to whom, and at what 
depth for different use cases). 

 

Governance Structures 

Across partners, Governance Structures is the most prominent “missing middle”: many documents 
state principles, but fewer specify decision rights, review cycles, audit requirements, and governance 
ownership. PRZ’s national perspective references dedicated governance bodies and oversight 
ambitions, yet partner notes indicate incomplete translation into coherent institutional practice. 
POLITO identifies the governance gap as acute for operationalising AI Act-style compliance 
(procurement, audit trails, high-risk protocols).  

UNIMA illustrates governance decentralisation issues (course-level discretion), raising the risk of 
inconsistent application. KTH provides a stronger operational example (course rules, templates, 
procedures), but this remains concentrated in teaching/assessment governance rather than enterprise 
AI governance.  

UNIRI positions institutional policy as the practical governance anchor in a fragmented national 
environment, while UNILJ similarly indicates that institutions are compensating through internal 
guidance. UNIBG underscores the need for stronger governance integration with technical standards 
and institutional infrastructure.  

Typical omission: institution-wide governance patterns spanning procurement → deployment approval 
→ monitoring → incident handling. 

 

Technical Standards & Interoperability 

Technical Standards & Interoperability is consistently among the least populated categories at 
institutional level and one of the most frequently flagged omissions. UNIMA’s matrix entries often 
indicate an absence of relevant extracts in institutional guidance, despite the category being critical for 
scalable deployment. UNIBG explicitly flags a lack of interoperability/standardisation content and 
limited technical requirements.  

PRZ’s national extracts reference development of standards and certification recognition, but this does 
not reliably translate into HEI requirements. POLITO frames the gap as a mismatch between policy 
expectations and the technical realities of external GenAI platforms (updates, data handling, limited 
transparency). KTH, UNILJ, and UNIRI converge on the problem: without technical governance 
(integration standards, logging, access controls), institutional policy remains largely behavioural rather 
than system-level. 

Typical omission: minimum technical controls (approved toolchains, integration and logging 
standards, identity/access management, record-keeping for auditability). 
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Accountability & Liability 

In Accountability & Liability, the matrix exhibits strong normative framing (“humans remain 
responsible”) but weaker operational mapping to responsibility matrices and enforceable processes, 
particularly when third-party tools are involved. UNIRI’s institutional focus emphasises human 
responsibility and the responsible use of resources, supporting accountability as a governance 
principle. PRZ flags limited clarity regarding local liability/enforcement, while POLITO highlights that 
institutional protocols for high-risk contexts and enterprise use cases remain in development. UNIBG 
and UNIMA connect accountability to traceability and integrity (who is responsible for outputs; how AI 
use is documented), and KTH similarly emphasises that staff and students remain accountable for 
academic work and compliance. UNILJ reinforces that accountability remains essential but is 
challenged by tool opacity and inconsistent implementation across contexts.  

Typical omission: explicit role allocation across the lifecycle (approval, DPIA/risk classification, 
monitoring, incident response, vendor accountability). 

 

Sustainability 

Sustainability is unevenly represented and is often treated at a high level (e.g., social responsibility, 
long-term impacts) rather than through operational criteria. PRZ’s national lens explicitly links AI to 
sustainable development, but notes limited local operationalisation. UNIBG surfaces emerging 
sustainability issues such as resource impacts associated with AI use, indicating that environmental 
effects are becoming part of the responsible AI discourse.  

UNIRI similarly references sustainability concerns in the responsible use context, especially in 
research-related guidance. KTH and UNILJ treat sustainability less prominently in institutional rules 
compared with integrity/privacy, reinforcing the pattern that sustainability tends to lag behind more 
immediate compliance/integrity drivers. UNIMA and POLITO evidence sustainability indirectly through 
concerns about institutional enablement and responsible tool use, but without consistent 
sustainability metrics. 

Typical omission: sustainability instrumentation (procurement criteria, reporting, “responsible 
compute” guidance, lifecycle impact assessment). 

 

Implications for WP3 deliverables (translation from evidence to project outputs) 

The coding matrix confirms that policy landscapes are currently strongest where governance can be 
expressed through behavioural rules (acceptable use, disclosure, “do not input sensitive data”) and 
weakest where responsible AI requires institutional system design (technical standards, 
procurement/tool vetting, auditability, accountability assignment). Accordingly, PATH-AI can add 
tangible value by producing a project-level “translation toolkit” comprising: 

1. Minimum governance pattern for HEIs (roles, decision rights, review cadence): 
A standard governance model specifying who owns AI-related decisions (DPO, IT/security, 
teaching & learning, ethics/integrity structures), including escalation paths and audit 
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responsibilities—addressing the recurrent “missing middle” identified across PRZ, POLITO, 
UNIRI, and UNIMA. 

2. Procurement and tool approval decision flow (AI Act / GDPR aligned): 
A practical decision tree for approving AI tools (including GenAI), with minimum checks for data 
processing, cross-border transfers, security assurances, documentation, and update 
governance, responding to the repeated shift toward “prohibitions” in the absence of vetted 
institutional alternatives (notably POLITO and UNILJ). 

3. Teaching and assessment implementation pack (integrity + transparency 
operationalisation): 
Reusable templates: course AI-use statements, disclosure requirements, assessment redesign 
options, and staff/student guidance materials, reflecting the relatively mature institutional 
practices evidenced in KTH and UNIMA and the assessment redesign emphasis highlighted by 
PRZ. 

4. Technical standards “minimum baseline” for HEI AI services (interoperability + auditability): 
A concise technical baseline: access control, logging, integration standards, data segregation, 
record-keeping, and lifecycle governance, directly addressing the systematic 
underdevelopment of technical standards/interoperability identified across UNIBG, PRZ, and 
others. 

5. Equity and sustainability completion layer (closing systematic omissions): 
Guidance and checklist items for equitable access (tool availability, accommodations, bias 
monitoring) and sustainability (procurement criteria, resource-awareness, lifecycle 
considerations), reflecting the pattern that these domains are acknowledged but rarely 
operationalised. 

These deliverable-oriented implications provide the direct pathway into Task 3.2: the identified 
omissions in governance structures, accountability/liability, and technical standards can be treated as 
risk drivers and mapped into the ELSI risk assessment framework alongside integrity, privacy/security, 
and transparency risks that are already prominent in institutional policy. 
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8. Risk extraction for Task 3.2 (seed risk register) 
8.1. Risk overview and Task 3.2 readiness. 

Building on Task 3.1, the partner integration reports were treated as the primary risk evidence base, with 
risks extracted not only from explicit “identified risks” lists, but also from recurring 
gaps/overlaps/inconsistencies where partners noted that the absence of operational guidance 
constitutes a risk condition (e.g., unclear governance ownership, lack of enforceable procedures, or 
reliance on prohibition rather than technical controls). This aligns with the cross-partner observation 
that “risk” emerges both from what policy documents state and from what they omit, particularly in 
domains such as governance, accountability, and technical standards. 

All extracted risks were consolidated into a seed risk register and normalised into concise, auditable 
statements using a consistent structure: trigger → risk event → consequence/impact → aƯected asset 
and stakeholder(s). Each risk entry is preliminarily tagged against the WP3 coding categories (Ethics & 
Integrity; Data Privacy & Security; Equity & Inclusion; Transparency & Explainability; Governance 
Structures; Technical Standards & Interoperability; Accountability & Liability; Sustainability) and 
additionally labelled by: (i) policy level (EU / national / institutional), (ii) stakeholder group(s) (students; 
academic staff; researchers; professional services/IT; institutional leadership; external providers), and 
(iii) traceability fields (partner source and supporting document ID(s)). This enables line-of-sight from 
the Task 3.1 evidence base (extracts and interpretation notes) to risk definition and later control 
mapping in Task 3.2. 

To make the register “scoring-ready” for Task 3.2, each risk entry is prepared with standard ELSI risk 
assessment fields: Likelihood; Impact (including sub-dimensions for legal/compliance, educational 
quality, research integrity, reputational harm, and equity harms); existing controls 
(policy/process/technical/training); control effectiveness; risk owner; treatment option 
(avoid/reduce/transfer/accept); residual risk; and monitoring indicators/review cadence. The intent is 
to preserve an evidence chain of policy signal → coded extract/gap → risk scenario → control strategy, 
ensuring the ELSI framework is defensible and auditable across partner contexts. 

 

8.2. Risk list grouped by category and stakeholder 
The following synthesis summarises the dominant risk themes emerging across the partner corpus. The 
complete seed register (with full traceability fields and partner-specific source references) is provided 
in the annexed artefact. 

1) Data privacy & security 

1. Students & academic staff: Personal data, assessment materials, or learning analytics 
inadvertently entered into public/commercial GenAI tools, creating GDPR exposure and 
confidentiality breaches; frequently mitigated via “do not input sensitive data” rules rather than 
secure enablement. 

2. Researchers: Leakage of unpublished research content, proprietary methods, or IP via 
prompts/uploads; risk of secondary use by providers and loss of competitive advantage. 

3. Professional services/IT & leadership: Tension between national interoperability/data reuse 
ambitions and university confidentiality requirements, producing compliance uncertainty 
around lawful technical architectures for AI-enabled services. 
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2) Ethics & integrity 

1. Students: AI-enabled plagiarism and cheating; ambiguous boundaries of permissible 
assistance; erosion of assessment validity and qualification credibility. 

2. Academic staff/examiners: Misuse or over-reliance on AI-detection tools and associated 
procedural justice risks (false accusations; weak evidentiary basis), increasing pressure to 
redesign assessments and apply rules consistently. 

3. Researchers: Fabrication, falsification, and unverifiable citations (“hallucinated” sources) 
contaminating scholarly outputs; blurred accountability where AI assistance is under-
disclosed. 

3) Transparency & explainability 

1. Students & educators: Automation bias and over-trust in AI outputs, reducing critical 
reasoning and propagating errors into assessed work or learning decisions. 

2. Administration/decision-makers: Use of opaque (“black-box”) models without 
contestability/explainability in educational or administrative decisions, creating trust deficits 
and potential procedural unfairness.  

4) Equity & inclusion 

1. Students: Uneven access to paid tools (“paywall gap”) and differential AI literacy, creating 
inequitable assessment conditions and widening socio-economic divides.  

2. Institutional leadership: Under-specification of inclusion safeguards (accessibility, 
accommodations, language support), risking systematic disadvantage as AI use scales. Often 
appears as a category omission rather than an explicit contradictory policy. 

5) Governance structures 

1. Leadership & governance owners: Absence of coherent institution-wide AI strategy (or 
strategic silence) leading to fragmented rules, inconsistent adoption, and unclear 
accountability for compliance and resourcing. 

2. Professional services/IT/procurement: Missing or immature processes for tool vetting, 
procurement governance, documentation/audit trails, and role assignment (e.g., ownership of 
risk classification, DPIA-like routines, vendor assurance). 

3. Cross-level risk driver: Enabling/declarative national strategies can shift the operational 
burden to universities, increasing variance in risk posture across HEIs. 

6) Technical standards & interoperability 

1. IT/procurement & vendors: Lack of clear internal technical requirements (integration 
standards, logging, access control, data retention, interoperability constraints) increases 
integration risk, weak monitoring, and “shadow AI” adoption. Commonly reported as a risk 
emerging from non-specification. 

7) Accountability & liability 

1. Students & staff: Unclear allocation of responsibility for AI-assisted work (authorship norms, 
disclosure duties, consequences of misuse), especially where local rules diverge across 
faculties or institutions. 
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2. Institutional leadership: Liability ambiguity for harms caused by AI-supported decisions or 
breaches involving third-party tools, particularly as AI Act-style expectations extend beyond 
teaching-use rules into governance of deployed systems. 

8) Sustainability 

1. Institution & society: Environmental and resource impacts of large-scale model usage 
(compute demand, energy footprint), typically weakly operationalised but explicitly raised in 
some institutional guidance and risk lists. 

 

8.3. Implications for Task 3.2 (ELSI risk assessment) 
The seed risk register establishes a comprehensive risk landscape, but the ELSI risk assessment in Task 
3.2 should be designed to convert this landscape into a prioritised, actionable set of risk scenarios 
and controls. 

1. Adopt a scenario-based ELSI framing rather than a purely compliance checklist. The most 
consequential risks emerge at the intersection of behavioural use cases (assessment, research 
workflows, student support) and system conditions (external toolchains, procurement gaps, 
weak auditability). Task 3.2 should therefore define a compact set of institutional scenarios 
(e.g., coursework and assessment; research authoring/data analysis; administrative/student 
services; procurement and platform integration) and score risks within each scenario. 

2. Preserve traceability from Task 3.1 evidence into Task 3.2 scoring. Each scored risk should 
retain partner source, supporting document ID(s), and, where relevant, the coded excerpts and 
gap statements that justify likelihood/impact judgements. This ensures defensibility and 
addresses the cross-partner observation that inconsistency and partial operationalisation are 
themselves risk drivers. 

3. Prioritise controls that convert “prohibition” into “safe enablement”. Multiple partners 
indicate a current pattern of mitigating privacy/security risks through bans on sensitive inputs 
to external tools, coupled with limited internal alternatives. Task 3.2 should evaluate layered 
controls: governed tool provisioning (where feasible), procurement/vetting checklists and 
contract clauses, DPIA-like workflows for GenAI use cases, and training/disclosure templates 
that operationalise integrity, transparency, and equity. 

4. Use category omissions as a risk signal. The systematic thinness around Technical 
Standards/Interoperability and Sustainability should be treated as a risk amplifier in Task 3.2 
(i.e., lack of standards increases the likelihood of uncontrolled adoption and weak monitoring), 
justifying explicit control design even where policy coverage is sparse. 

5. Risk prioritisation and depth of treatment (selection criteria). Given the breadth of risks 
identified in Task 3.1, Task 3.2 will not seek to address every risk with equal depth. Instead, the 
seed risk register will be used as a comprehensive starting point from which a prioritised 
subset of risks will be selected for full analysis, scoring, and control/mitigation design. Risk 
selection will follow explicit criteria, focusing on those risks that (i) are high-impact for HEIs 
(legal, ethical, educational quality, reputational, and equity harms), (ii) show high likelihood or 
strong evidence of recurrence across partners and levels, (iii) represent systemic risk drivers 
(e.g., governance gaps, toolchain dependence, lack of auditability) that amplify multiple 
downstream risks, and/or (iv) are actionable within the project scope, meaning realistic 
strategies, controls, and implementation guidance can be proposed and validated with partner 
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institutions. The Task 3.2 output will therefore deliver a targeted, evidence-based ELSI 
framework that develops fully specified mitigation strategies—including ownership, 
operational controls, monitoring indicators, and residual risk evaluation—for the prioritised 
risks, while retaining the broader inventory as a reference baseline for HEIs and future work. 
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9. Recommendations  
This section translates the Task 3.1 synthesis, coding-matrix evidence, and seed risk register into 
actionable recommendations. Given the scope of PATH-AI and the fact that implementation is being 
led by academic partners (rather than policymakers), the recommendations focus on what HEIs and 
the consortium can realistically implement: institutional policy refinement, governance 
arrangements, operational procedures, training, and demonstrators/toolkits that align with EU 
requirements without assuming changes to EU or national legislation. 

1) Policy improvement opportunities (within HEIs and through consortium guidance) 

1. Standardise institutional “acceptable use + disclosure” language across faculties. 
Develop a consortium template pack for course outlines, assessment briefs, and programme 
handbooks that clearly states: permissible AI uses, required disclosures, and prohibited 
practices. This reduces intra-institution inconsistency and improves procedural fairness. 

2. Move from prohibition-only rules to governed, documented workflows. Retain “do not 
upload sensitive data” cautions, but complement them with how-to guidance: approved tools, 
safe prompt practices, secure data handling, and escalation routes when uncertainty arises. 
Where feasible, recommend institutionally provisioned tools or controlled environments. 

3. Embed “traceability” as a minimum requirement for AI-assisted academic work. Provide 
simple mechanisms to support transparency: AI-use declarations, annotated bibliographies 
where relevant, and reflective “process notes” describing how AI contributed and how outputs 
were verified. 

4. Clarify responsibilities and escalation routes in policy text. Update institutional guidance to 
identify who owns decisions and exceptions (e.g., module coordinator, HoD, DPO, IT security, 
ethics/integrity officers) and how disputes are handled (especially around suspected 
misconduct and contested AI use). 

5. Explicitly address under-covered domains: technical standards/interoperability and 
sustainability. Add concise “minimum expectations” sections to HEI guidance covering: 
logging/auditability, access control, tool update management, integration constraints, and 
baseline sustainability considerations (e.g., avoid unnecessary compute-heavy practices; 
prefer institutionally approved tools). 

6. Propose an “equity and accessibility” clause in AI guidance. Ensure institutional policies 
explicitly mitigate the paywall gap and accessibility issues by: specifying tool access 
expectations, offering alternatives, and embedding accommodations for diverse learner needs. 

2) HEI governance actions (practical structures and procedures) 

1. Propose an HEI AI Governance Working Group (lightweight but mandated). A cross-
functional group (teaching & learning, DPO, IT/security, library/research support, quality 
assurance, student representation) tasked with maintaining guidance, reviewing tool adoption 
proposals, and coordinating training. 

2. Adopt a simple AI tool approval and risk triage process. Implement a short workflow (1–2 
pages) that answers: What data is processed? Is personal/sensitive data involved? Is the tool 
external? What is the use case? What is the risk level? What safeguards are required? 
This can be aligned to GDPR obligations and AI Act risk thinking without attempting to replicate 
regulator-level compliance processes. 
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3. Propose an institutional incident and escalation protocol. Define what constitutes an AI-
related incident (data breach, academic misconduct, harmful outputs, bias complaint), who is 
notified, response steps, and documentation requirements. 

4.1. Propose reinforce assessment integrity through design rather than detection. Promote 
assessment patterns less vulnerable to unacknowledged AI use (oral components, authentic 
tasks, iterative submissions, in-class artefacts, reflective critique). Provide exemplars and 
rubrics to support consistent practice. 

5.2. Propose minimum technical governance controls. Even without new infrastructure, 
institutions can define: approved tool lists, authentication expectations, logging for 
institutionally provided tools, and rules around integration into LMS/VLE systems. 

6.3. Propose capability-building as a sustained programme. A structured staff development 
covering: responsible AI pedagogies, prompt literacy, verification techniques, bias awareness, 
privacy/IP safeguards, and how to guide student use responsibly. 

3) Project implications (what PATH-AI should produce and validate) 

1. Deliver a consortium “Responsible AI in HEI Governance Toolkit”. A packaged set of 
templates and procedures that partners can adapt locally, including: course-level statements, 
disclosure templates, tool approval checklist, risk triage form, incident protocol, and an 
accountability/ownership matrix. 

2. Provide a harmonised ELSI risk assessment framework (Task 3.2). Select a prioritised subset 
of risks (high impact/likelihood/systemic drivers/actionable) and produce: risk scenarios, 
scoring guidance, control libraries, monitoring indicators, and residual risk evaluation 
guidance. 

3. Develop cross-partner exemplars and pilots to validate feasibility (WP 4). Implement small 
pilots across partner institutions (e.g., one programme or unit per partner) to test: the 
governance workflow, disclosure practices, assessment redesign patterns, and training 
modules, then iterate the toolkit accordingly. 

4. Create a minimum “technical baseline” guidance note for HEIs. 
A short, implementable baseline for interoperability and auditability, specifying expected 
controls without mandating specific platforms (identity/access, logging, integration 
constraints, retention, vendor assurance). 

5. Embed equity and sustainability checks as cross-cutting requirements. Ensure every toolkit 
artefact and control recommendation includes: accessibility/alternative pathways, and 
pragmatic sustainability guidance (e.g., limiting unnecessary compute-heavy use, supporting 
responsible tool choice). 

 

Overall, the feasible strategy within PATH-AI is to reduce ambiguity and inconsistency by providing HEIs 
with a pragmatic, evidence-led governance toolkit that operationalises EU-aligned expectations at the 
institutional level. The consortium’s value-add is therefore not policy change at the EU/national levels, 
but the translation of policy into implementable practice, with validated templates, decision flows, and 
control measures that universities can adopt to support responsible AI integration at scale. 
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Annex Overview 

Annexes overview and how to use them. 

The annexes are provided to support transparency, auditability, and re-use of the Task 3.1 evidence 
base. While the main body of this deliverable presents the consolidated synthesis and interpretation, 
the annexes contain the full partner-level inputs and supporting artefacts so that readers can (i) consult 
the underlying country case material directly, and (ii) trace specific claims in the narrative back to the 
corresponding document excerpts, coding entries, and derived risks. This is particularly useful for 
readers who return to the deliverable for reference purposes and wish to access the source materials 
without re-reading the full report. 

In addition, a Suggested reading section is included to provide readers with a curated set of key 
references that complement the reviewed policy corpus. This list is intended as a practical entry point 
for HEI leaders, educators, researchers, and professional services staff who may wish to deepen their 
understanding of responsible AI governance in higher education beyond the documents reviewed in 
Task 3.1, or to support local policy development and staff development activities. 

 

What is included in each annex. 

1. Annex A – Partner integration reports (as provided): The complete country/institution case 
reports prepared by each partner, including the selected document sets, partner synthesis, and 
partner-identified gaps/overlaps/inconsistencies. These are reproduced in full to preserve the 
original context and partner interpretations.  

2. Annex B – Consolidated coding matrix and document register (as provided): The full 
evidence matrix containing the extracted quotes, interpretation notes, relevance judgements, 
and gap/overlap/inconsistency observations, alongside the consolidated register of reviewed 
documents. Readers may use the Doc IDs to cross-reference between the main text and the 
underlying evidence entries.  

3. Annex C – Derived consolidated risk inventory: The seed risk register compiled from the 
partner reports and coding evidence, structured to support Task 3.2 (including preliminary 
categorisation and traceability fields). Readers may use the Risk IDs to link individual risks back 
to the originating documents and partner sources.  

4. Annex D – WP3.1 policy landscape overview (if included): A compact “at-a-glance” summary 
of the reviewed policy landscape intended as a navigation aid across EU, national, and 
institutional levels. 

5. Suggested Reading (supporting section): A curated list of complementary resources, 
designed to help readers extend beyond the reviewed corpus (e.g., emerging guidance, 
implementation toolkits, and research/policy syntheses) and to support institutional 
dissemination, training, and local policy refinement.  
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Annex A: Complete partner integration reports (as provided) 

P7_Slovenia_UNILJ_Int
egration Report.pdf

P6_Croatia_UNIRI_Inte
gration Report.pdf

P5_Italy_POLITO_Integ
ration Report.pdf

P4_Malta_UNIMA_Inte
gration Report.pdf

P3_Italy_UNIBG_Integr
ation Report.pdf

P2_Sweden_KTH_Inte
gration Report.pdf

P1_Poland_PRZ_Integr
ation Report.pdf  
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Annex B: Complete coding matrix (as provided, or merged if multiple) 

Consolidated Coding 
Matrix.xlsx  
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Annex C: Derived consolidated risk inventory from Policy Analysis 
Risk_ID Partner 

ID 
Country Org Risk_Description Primary_ Category Source Doc_IDs 

R001 P1 Poland PRZ Use of artificial intelligence systems to generate 
academic content such as essays, coursework, theses, 
or scientific publications, which may lead to violations 
of academic integrity (plagiarism, undisclosed use of AI 
by students or academic staff, and publication of 
unverified, erroneous, or misleading content). Such 
practices may result in falsely certified knowledge and 
competences, undermining the fundamental principles 
of academic integrity. 

Ethics & Integrity D3, D4, D5, D6 

R002 P1 Poland PRZ Excessive reliance on generative AI tools in the learning 
process may lead to reduced intellectual autonomy of 
students and limited development of key competences 
such as critical, analytical, and creative thinking. 

Equity & Inclusion D3, D4, D6 

R003 P1 Poland PRZ The use of deepfake technologies and synthetic voices 
in the context of education and assessment poses a 
threat to the credibility of academic processes. These 
tools may be used to impersonate other individuals 
during remote examinations, oral presentations, or 
assessments based on audio-video recordings, thereby 
undermining the authenticity of the assessed person’s 
identity. 

Ethics & Integrity D4 

R004 P1 Poland PRZ Unclear and inconsistent boundaries between 
permitted “editing” or language support and 
prohibited “content generation” by AI tools create 
uncertainty regarding the correct manner of their use 
in student work. 

Ethics & Integrity D3, D4, D5, D6 

R005 P1 Poland PRZ Unclear or non-existent procedures defining how 
academic staff should specify and communicate rules 
for the use of AI within their courses. 

Technical 
Standards & 
Interoperability 

D6 

R006 P1 Poland PRZ Lack of established procedures for assessing the impact 
of AI tools on students’ mental well-being, including 
the absence of systematic monitoring activities and 
mechanisms for identifying and responding to negative 
effects of AI use. 

Equity & Inclusion D6 

R007 P1 Poland PRZ Insufficient preparedness of academic teaching staff 
for AI – inadequate competencies of university 
educators in the field of AI. 

Ethics & Integrity D1, D2, D3, D4, D5, D6 

R008 P1 Poland PRZ Violation of intellectual property protection – the 
requirement to share prompts and AI-generated 
responses with the supervisor may raise concerns 
regarding data privacy and the protection of 
solutions/ideas/concepts developed by the student. 

Ethics & Integrity D1, D2 

R009 P1 Poland PRZ Substantive errors and misinformation in academic 
work – large language models may generate false or 
outdated information (so-called “hallucinations”), 
which makes unverified scientific content unreliable. 

Ethics & Integrity D3, D5, D6 

R010 P1 Poland PRZ Unequal access to AI tools and educational resources – 
disparities between institutions (e.g., public vs. private) 
or regions, as well as specific student circumstances 
(international students, students with disabilities), may 
result in some students not acquiring the digital 
competencies required in the labour market. 

Equity & Inclusion D1, D2 
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R011 P1 Poland PRZ Loss of trust and transparency in AI – insufficient 
disclosure regarding the functioning of AI systems 
(black box) may undermine public trust and lead to 
unethical decisions. 

Equity & Inclusion E1, D6 

R012 P1 Poland PRZ Changes in the labour market caused by AI – AI 
advancements may displace certain occupations 
(including within higher education). 

Ethics & Integrity D1, D2 

R013 P1 Poland PRZ Lack of a clear procedure for resolving conflicts 
between the seven requirements of Trustworthy AI 
(e.g., between transparency, privacy, security, and 
fairness). As a result, there is no unambiguous method 
for prioritising requirements or making decisions when 
these requirements conflict. 

Ethics & Integrity E1, D1, D2 

R014 P1 Poland PRZ Extreme fragmentation of AI-related procedures across 
different universities. Each institution applies its own 
rules and approaches. 

Sustainability D3, D4, D5, D6 

R015 P1 Poland PRZ Risk of inconsistencies between strategic documents 
(national, international) and local regulations in force 
at individual universities. 

Ethics & Integrity E1, D1, D2, D3, D4, D5, 
D6, D7 

R016 P1 Poland PRZ Lack of clear provisions regarding the consequences of 
violating AI-related rules. 

Data Privacy & 
Security 

D5, D6 

R017 P1 Poland PRZ Violation of personal data protection – inputting 
confidential or personal data into AI systems (e.g., 
student information from grade records) may lead to 
data leakages, unauthorised use, or irreversible loss of 
anonymity. 

Ethics & Integrity E1, D1, D2, D6 

R018 P1 Poland PRZ Cyber threats and AI manipulation – AI systems may be 
targets of cyberattacks (e.g., manipulation of training 
data) or may themselves generate security risks (e.g., 
against network security). 

Ethics & Integrity E1, D1, D2 

R019 P1 Poland PRZ Unclear procedures for technology transfer from 
universities to industry involving AI. 

Ethics & Integrity D1, D2 

R020 P1 Poland PRZ Use of artificial intelligence systems to generate 
academic content such as essays, coursework, theses, 
or scientific publications, which may lead to violations 
of academic integrity (plagiarism, undisclosed use of AI 
by students or academic staff, and publication of 
unverified, erroneous, or misleading content). Such 
practices may result in falsely certified knowledge and 
competences, undermining the fundamental principles 
of academic integrity. 

Ethics & Integrity D3, D4, D5, D6 

R021 P2 Swede
n 

KTH Lack of clear operational guidance for AI use in 
education at national level 

Governance 
Structures 

D8, D9 

R022 P2 Swede
n 

KTH Bias in AI systems leading to unfair educational or 
administrative outcomes 

Equity & Inclusion D8, D9, D10, E2 

R023 P2 Swede
n 

KTH Privacy risks from AI tools processing personal or 
sensitive data 

Data Privacy & 
Security 

D8, D9, D10, D11/D12, 
E2 

R024 P2 Swede
n 

KTH Use of “black-box” models without explainability Transparency & 
Explainability 

D8, D9, D10, E2 

R025 P2 Swede
n 

KTH Academic misconduct facilitated by generative AI Ethics & Integrity D10, D11/D12 

R026 P2 Swede
n 

KTH Inequality between students with and without access 
to paid AI tools 

Equity & Inclusion D11/D12, E2 

R027 P2 Swede
n 

KTH Insufficient AI literacy among teachers Governance 
Structures 

D10, E2 
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R028 P2 Swede
n 

KTH Lack of institutional governance structures for AI Accountability & 
Liability 

D9, D10 

R029 P2 Swede
n 

KTH Overdependence on commercial AI platforms Sustainability D9, D11/D12 

R030 P2 Swede
n 

KTH Environmental impact of large AI models Sustainability D8 (broad), D11/D12 
(explicit), E2 

R031 P2 Swede
n 

KTH Misalignment between national innovation goals and 
educational integrity 

Ethics & Integrity D8, D9 vs. D10, D11/D12 

R032 P2 Swede
n 

KTH Insufficient clarity on accountability when AI fails or 
causes harm 

Accountability & 
Liability 

D8, D9, D10, E2 

R033 P2 Swede
n 

KTH Lack of unified standards for interoperability and 
technical quality 

Technical 
Standards & 
Interoperability 

D8, D9, E2 

R034 P2 Swede
n 

KTH Emotional or cognitive harm from AI use among 
students 

Ethics & Integrity E2, D11/D12 

R035 P3 Italy UNIB
G 

Privacy breaches Data Privacy & 
Security 

D13 

R036 P3 Italy UNIB
G 

Copyright and plagiarism risks Ethics & Integrity D13 

R037 P3 Italy UNIB
G 

Data security breaches Data Privacy & 
Security 

D13 

R038 P3 Italy UNIB
G 

Bias and discrimination in decision-making Ethics & Integrity D13 

R039 P3 Italy UNIB
G 

Technological dependence and loss of control Ethics & Integrity D13 

R040 P3 Italy UNIB
G 

Inaccuracy and misinterpretation Ethics & Integrity D13 

R041 P3 Italy UNIB
G 

Environmental impact Sustainability D13 

R042 P3 Italy UNIB
G 

Lack of skill acquisition Ethics & Integrity D13 

R043 P4 Malta UNI
MA 

Data Leakage and Intellectual Property (IP) Theft in 
Research 

Ethics & Integrity E4 

R044 P4 Malta UNI
MA 

AI Plagiarism and Academic Integrity Breach Ethics & Integrity D25 

R045 P4 Malta UNI
MA 

Conflict between National Data Sharing Mandates and 
Research Confidentiality 

Ethics & Integrity D20, D23, E4 

R046 P4 Malta UNI
MA 

Risk from Unreliable AI Detection Software Ethics & Integrity D25 

R047 P4 Malta UNI
MA 

AI-Generated Fabrication, Falsification, and 
Inaccuracies 

Equity & Inclusion E4 

R048 P4 Malta UNI
MA 

Absence of Coherent HEI AI Strategy Governance 
Structures 

D22, D24 

R049 P4 Malta UNI
MA 

Performance Gaps in Computational Thinking (CT) and 
Digital Skills 

Ethics & Integrity D21, D22 
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R050 P4 Malta UNI
MA 

Risk of Unmanaged Ethical/Safety Issues in Digital 
Content Creation (K-12) 

Accountability & 
Liability 

D21 

R051 P4 Malta UNI
MA 

Lack of Alignment/Compliance in Platform Integration Data Privacy & 
Security 

D21 

R052 P4 Malta UNI
MA 

Insufficient Faculty/Staff AI Skills and Capacity Ethics & Integrity E4, D25 

R053 P5 Italy POLI
TO 

Data Leakage and Privacy Violation via External AI 
(Legal/Technical): The use of external, non-controlled 
Generative AI (GenAI) systems transfers institutional 
data and user input to third-party providers, violating 
the principles of data control (GDPR/D33) and risking 
the unauthorized disclosure of reserved or sensitive 
information. 

Ethics & Integrity D26, D33, D30 

R054 P5 Italy POLI
TO 

Compromised Academic Integrity and Pedagogical Shift 
(Pedagogical/Integrity): The inability of current AI 
detection tools to provide legally binding evidence 
(they are "probabilistic" and have "no legal value" - 
D27) undermines the enforcement of student 
misconduct rules (D29) against AI-assisted plagiarism. 

Ethics & Integrity D27, D29 

R055 P5 Italy POLI
TO 

Compliance Gap for High-Risk AI Systems 
(Legal/Governance): Absence of detailed internal 
procedures for the auditing, implementation, and 
management of High-Risk AI systems (as mandated by 
the EU AI Act/E5), particularly in administrative, HR, or 
student service areas. 

Accountability & 
Liability 

D50/E5 (establishes the 
necessity), D32 (lack of 
specific protocol) 

R056 P5 Italy POLI
TO 

Algorithmic Bias and Discrimination (Ethical/Social): AI 
systems may generate results or decisions influenced 
by "prejudices related to the choice of training 
documents" (D26), potentially perpetuating systemic 
bias in research, administrative outputs, or educational 
content. 

Equity & Inclusion D26 

R057 P5 Italy POLI
TO 

Failure to Close the Competence Gap 
(Strategic/Resource): The strategic commitment to 
digital transformation (D31) and the explicit goal to 
"launch a structured IT training program for all staff to 
bridge the competence gap" (D32) is a high-cost, long-
term endeavor. The lack of an explicit, dedicated 
financial strategy creates a risk of underfunding and 
failure to execute this critical pillar. 

Ethics & Integrity D31, D32 

R058 P6 Croati
a 

UNIR
I 

Lack of transparency and over-reliance on AI-generated 
outputs without understanding underlying processes 

Transparency & 
Explainability 

D39 

R059 P6 Croati
a 

UNIR
I 

Increased risk of plagiarism, fabrication, and 
manipulation of academic and scientific outputs 

Ethics & Integrity D39, E7 

R060 P6 Croati
a 

UNIR
I 

Absence of verifiable sources in AI-generated content Technical 
Standards & 
Interoperability 

D39 

R061 P6 Croati
a 

UNIR
I 

Biases, errors, and hallucinations in AI-generated data 
and outputs 

Ethics & Integrity D39, E7 

R062 P6 Croati
a 

UNIR
I 

Replication and dissemination of false or counterfeit 
information, eroding trust in science and higher 
education 

Accountability & 
Liability 

D39 
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R063 P6 Croati
a 

UNIR
I 

Unresolved intellectual property and copyright issues 
related to AI-generated content 

Ethics & Integrity D39 

R064 P6 Croati
a 

UNIR
I 

Privacy and data protection violations when using AI 
tools 

Data Privacy & 
Security 

D39, E7 

R065 P6 Croati
a 

UNIR
I 

Widening inequalities due to unequal access to AI 
infrastructure and high energy/resource requirements 

Sustainability D39, E7 

R066 P6 Croati
a 

UNIR
I 

Insufficient AI literacy and staff capacity 
(students/teachers lack skills to use/critically evaluate 
GenAI) 

Data Privacy & 
Security 

D35, D37, E7 

R067 P6 Croati
a 

UNIR
I 

Fragmented governance across levels (institutional AI 
policy stronger than national guidance) 

Accountability & 
Liability 

D34–D38,  
D39–E7 

R068 P7 Sloveni
a 

UNIL
J 

Over-reliance & Deskilling: Students or staff relying on 
AI to the point of losing critical thinking, writing, or 
problem-solving skills. The "automation bias" where 
humans accept AI output without scrutiny. 

Equity & Inclusion D45, D42, E8 

R069 P7 Sloveni
a 

UNIL
J 

Data Leakage (GDPR Violation): Users entering 
sensitive research data, exam questions, or personal 
student information into public, commercial AI models 
(e.g., ChatGPT, Claude) to train them. 

Ethics & Integrity D40, D44, E8 

R070 P7 Sloveni
a 

UNIL
J 

Hallucination & Misinformation: AI generating false 
citations, incorrect scientific facts, or biased historical 
narratives that are accepted as truth by 
students/researchers. 

Equity & Inclusion D43, D44 

R071 P7 Sloveni
a 

UNIL
J 

Inequity of Access (The "Paywall" Gap): Students with 
paid subscriptions to advanced models (e.g., GPT-4o) 
having a significant performance advantage over those 
using free/legacy versions. 

Ethics & Integrity D41, D42, E8 

R072 P7 Sloveni
a 

UNIL
J 

Undefined Assessment Rules: Ambiguity in what 
constitutes "unauthorized aid" in specific courses, 
leading to inconsistent grading or false accusations of 
cheating. 

Ethics & Integrity D43, D44 

R073 P7 Sloveni
a 

UNIL
J 

Black Box Opacity: The inability to explain how an AI 
reached a conclusion, making it difficult to challenge 
automated grades or decisions. 

Transparency & 
Explainability 

D40, E8 

R074 P7 Sloveni
a 

UNIL
J 

Regulatory Obsolescence: Strategic documents (written 
in 2021) focusing on "predictive" AI and missing the 
specific risks of "Generative" AI, leaving institutions 
without high-level guidance. 

Governance 
Structures 

D40 vs. D43/44 
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Annex D: Path-AI: WP3.1 – Policy landscape overview 
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